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Bold values indicate the best performance in each column.

Sensitivity AUC
76.2% 83% 81.2%
89.6% 68% 87.8%

(2017) and the experiment was performed with same method as in Tong et al. (2017).
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Trained with: AD/NC Trained with: MClc/MCinc Trained with: AD/NC Sampling
Accuracy 88.79% 68.68% 73.04% 72.75%
Standard deviation 0.61% 1.63% 1.31% 1.20%
Confidence interval [0.8862, 0.8897) [0.6821, 0.6914] [0.7265, 0.7343) [0.7252, 0.7299]

MCic means MCI converters. MCinc means MCI non-converters. The results were obtained with 10-fold cross validations, and averaged over 50 runs.
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Method

Accuracy Sensitivity Specificity AuC
MRI biomarker in Moradi et al., 2015 74.7% 88.9% 51.6% 76.6%
Global grading biomarker in Tong et al., 2017 78.9% 76.0% 82.9% 81.3%
Proposed method 79.5% 86.1% 68.8% 83.6%

The performances of MRI biomarker and global grading biomarker are described in Moradi et al. (2015) and (Tong et al., 2017). The results are averages over 100 runs,

and the standard deviation/confidence intervals of accuracy and AUC of the proposed method are 1.19%/[0.7922, 0.7968] and 0.83%/[0.8358, 0.8391]. Bold values
indicate the best performance in each column.
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Groups AD MCls MClc HC

No. of Subjects 38 36 46 38
Male/female 22/16 26/10 20/17 25/13
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GDS 168 £152 1584158 1634150 086"+ 1.12

*Values are presented as mean + and standard deviation (SD).
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