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Common HC (n = 40) Common HC (n = 40,
(n =35) (n=22)
Age (years) 5434138 4764175 0,072 5244145 4764175 0273
Sex (FIM) 23112 18/22 007" 418 18122 016"

Data are expressed as mean + standard deviation unless otherwise stated. p* denotes the p-value from the two-sample t-test, and p* denotes the p-value from the chi-square test. , female; M,
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Variable Training set (n = 112) Test set (n Statistics

Sex

1 71(63.39%) 25(50.00%) 2568 0.109
2 41(36.61%) 25 (50.00%)

Drink

0 107 (95.54%) 50 (100.00%) 1.053 0.305
1 5 (4.46%) 0(0.00%)

Age 7200 £ 658 7147 £7.82 ~0.413 0.681
Education 16294263 15.86 4263 ~0.971 0333
BMI 2798521 2748479 ~0.583 0.561
MOCA 2300 (21,00, 25.00) 23.00 (20,00, 25.00) ~0477 0634
ADAS_I1 9.00 (6,45, 12.00) 9.00 (6.00, 13.05) 0.196 0.845
ADAS_13 15.00 (1100, 20.00) 1600 (10.95,21.05) 0734 0.463
CDR 0.50 (050, 0.50) 0.50(0.50,0.50) ~0.203 0.839
FAQ 2,00 (0.00, 5.00) 2,00 (0.00, 8.00) 0.502 0616
GDSCALE 2,00 (1.00, 2.00) 1.00 (100, 3.00) 0524 06
MMSE 28.00 (27.00, 29.00) 28.00 (26,95, 30.00) 0.276 0.783
RAVLT_immediate_bl 34.00 (28.00, 41.00) 3350 (26,00, 41.05) ~0.259 0795
RAVLT learning bl 4,00 (200, 6.00) 4,00 (3.00,6.00) 078 0436
RAVLT_forgetting bl 5.00 (3.00, 6.55) 5.00 (4.00,7.05) 0.906 0.365
RAVLT_perc_forgetting_bl 65.16 (38.00, 90.15) 75.00 (36.36, 100.00) 1012 0312
Category_Fluency_Animals. 17404478 1696+ 5.47 ~0.519 0.604
WM volume 4.88(202,13.28) 447 (1.61,11.39) ~0.558 0577
Fazekas ~0.27 (~0.27,-027) ~027(~0.27,-0.27) ~0.678 0.498
Radscore ~0.13 (~0.84,0.89) ~0.09 (~0.88,0.82) ~0.007 0.994

MCI, mild cognitive impairment; BMI, body mass index; ADAS, Alzheimers Disease Assessment Scale; CDR, Clinical Dementia Rating; FAQ, Functional Assessment Questionnaire;
GDSCALE, Geriatric Depression Scale; MMSE, Mini-Mental State Examination; RAVLT, Rey Auditory-Verbal Learning Test; WM, white matter.
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