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parameter (Hz) slices factors suppression
TIWI 1804180 50010 | 3204224 2 50 2 20 3 -
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AUIA, artificial intelligence-assisted iterative algorithm protocols; TIWI, T1-weighted image; T2WI, T2-wweighted image; FS-PDWI, fa-suppression proton density weighted imaging; FOV,
field of view; TR/TE, repetition time/echo time (ms); ETL, echo train length; NEX, number of excitation.
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