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Variables Q1 (n = 849) Q2 (n = 845) Q3 (n = 845) Q4 (n =84

Age, n (%), years <0.001
20-40 235 (27.68) 254 (30.06) 270 (31.95) 332(39.20)

40-65 346 (40.75) 373 (44.14) 358 (42.37) 394 (46.52)

>65 268 (31.57) 218 (25.80) 217 (25.68) 121 (14.29)

Gender, 1 (%) <0.001
Female 469 (55.24) 476 (56.33) 423 (50.06) 361 (42.62)

Male 380 (44.76) 369 (43.67) 422 (49.94) 486 (57.38)

Ethnicity, n (%) <0.001
Mexican American 132 (15.55) 138 (16.33) 152 (17.99) 62(7.32)

Other Hispanic 87 (10.25) 96 (11.36) 72(8.52) 42 (4.96)

Non-Hispanic white 388 (45.70) 308 (36.45) 273 (32.31) 363 (42.86)

Non-Hispanic black 140 (16.49) 156 (18.46) 147 (17.40) 261 (30.81)

Non-Hispanic Asian 71 (8.36) 121 (1432) 173 (20.47) 64(7.56)

Other race 31 (3.65) 26 (3.08) 28 (331) 55(6.49)

Education level, 7 (%) <0.001
<12th grade 147 (17.31) 155 (18.34) 179 (21.18) 225 (26.56)

High school 200 (23.56) 179 (21.18) 171 (20.24) 260 (30.70)

College or more 502 (59.13) 511 (60.47) 495 (58.58) 362 (42.74)

PIR, (%) <0.001
<13 206 (24.26) 235 (27.81) 245 (28.99) 416 (49.11)

1.3-35 348 (40.99) 297 (35.15) 311 (36.80) 289 (34.12)

=35 295 (34.75) 313 (37.04) 289 (34.20) 142 (16.77)

BMI (kg/m?) <0.001
<250 180 (21.20) 210 (24.85) 257 (30.41) 290 (34.24)

>250 669 (78.80) 635 (75.15) 588 (69.59) 557 (65.76)

Physical activity, (%), MET-min <0.001
<500 504 (59.36) 527 (62.37) 553 (65.44) 465 (54.90)

500-1,000 132 (15.55) 140 (16.57) 117 (13.85) 91 (10.74)

>1,000 213 (25.09) 178 (21.07) 175 (20.71) 291 (34.36)

Current smoker status, 7 (%) <0.001
Notatall 626 (73.73) 604 (71.48) 582 (68.88) 186 (21.96)

Some days 59 (6.95) 52(6.15) 84(9.94) 89(10.51)

Every day 164 (19.32) 189 (22.37) 179 (21.18) 572 (67.53)

Past-year alcohol drinking, 1 (%) <0.001
Non-drinker 338 (39.81) 349 (4130) 356 (42.13) 192 (22.67)

1-3 drinks 365 (42.99) 352 (41.66) 322 (38.11) 395 (46.64)

>4 drinks 146 (17.20) 144 (17.04) 167 (19.76) 260 (30.70)

Diabetes mellitus, n (%) <0.001
Yes 97 (11.43) 119 (14.08) 148 (17.51) 96 (11.33)

No 723 (85.16) 700 (82.84) 656 (77.63) 731 (86.30)

Borderline 29 (3.42) 26 (3.08) 41 (4.85) 20 (2.36)

Hypertension, 1 (%) 0465

Yes 339 (39.93) 310 (36.69) 312 (36.92) 328 (38.72)

No 510 (60.07) 535 (63.31) 533 (63.08) 519 (61.28)

Total calcium, 7 (%), mg/dL 0.094

<85 6(0.71) 2(0.24) 4(047) 10 (1.18)

=85 843 (99.29) 843 (99.76) 841 (99.53) 837 (98.82)

25(OH)D, 1 (%), nmol/L <0.001
<50 242 (28.50) 205 (24.26) 250 (29.59) 312 (36.84)

50-75 293 (34.51) 290 (34.32) 315(37.28) 321 (37.90)

=75 314 (36.98) 350 (41.42) 280 (33.14) 214(2527)

Logl0 EO, M (Q1, Q3), pmol/g Hb 1.23(1.17,1.28) 1.40 (1.36, 1.44) 1.57 (1.52,1.64) 228 (2.05,2.48) <0.001

EO, ethylene oxide; PIR, family poverty income ratio; BMI, body mass index; MET-min, MET-minutes; 25(OH)D, 25-hydroxyvitamin D2+D3; Logl0 EO, log10-transformed EO; M, Median,
Q1, 1st Quartile, Q3, 3st Quartile.
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Crude Model Model | Model I

Crude OR (95%Cl) P-value Adjusted OR (95%Cl) P-value Adjusted OR (95%Cl) P-value

Logl0 EO 118 (091, 1.52) 02 154 (1.16,2.05) 0.005 176 (1.12,2.77) 0025
Q1 Reference Reference Reference

Q2 0.89 (0.69, 1.13) 03 093 (0.65, 1.32) 07 0.87 (0.43, 1.76) 05
@ 0.95 (064, 1.42) 08 1.08(0.71, 1.64) 07 1.08 (047, 2.52) 07
Q4 1.14 (083, 1.57) 04 174 (124, 2.45) 0.003 2,02 (0.98, 4.16) 0052
P for trend 05 0014 0.041

The crude model was not adjusted for covariates. Model I was adjusted for age, gender, ethnicity, PIR and Education level. Model IT was adjusted for all covariates. OR, odd ratio; CI, confidence
interval; EO, ethylene oxide; Log10 EO, logl0-transformed EO.
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Characteristics With NMSC Without any cancers

Total, n 952 0625

Mean age, year 63.4(0.6) 452(02) <0.001
Men, % 533(21) 487 (03) 0038
Non-Hispanic White, % 975(05) 670 (11) <0.001
Less than high school education, % 10,6 (1.1) 18.1(05) <0.001
Income-to-poverty ratio < 1.3, % 7.7(L1) 205 (05) <0.001
BMI 284(03) 286 (0.1) 0476
Hypertension, % 68.1(2.0) 449 (05) <0.001
Diabetes, % 13.3(1.3) 93(02) <0.001
Dyslipidemia, % 406 (2.2) 256 (0.4) <0.001
Current smoke, % 105 (1.4) 222(0.4) <0.001
Alcohol use, % 0.227
<= 1 drinks per week 538(28) 566 (0.8)

>1, <=5 drinks per week 203(20) 212(05)

> 5 drinks per week 259(23) 221(05)

Hours of physical activity per week 10.1(08) 164(0.3) <0.001
Sunscreen or protective clothing, % 769 (46) 627(06) 0.008
HPY infection 738(62) 584 (08) 0032
Total urinary arsenic, ug/L. 86(0.11) 7.4(0.02) 0.192
Cadmium, ug/L. 0.37(0.02) 036 (0.01) 0415

Al the data were presented as mean or percentage with standard error in parenthesi. *The levl of cadmium and urinary arsenic was presented as geometric mean. NMSC: nonmelanoma skin
cancer; BMI: body mass index.





OPS/images/fpubh-12-1507492/crossmark.jpg
©

2

i

|





OPS/images/fpubh-12-1507492/fpubh-12-1507492-g001.jpg





OPS/images/fpubh-13-1511215/crossmark.jpg
©

|





OPS/images/fpubh-13-1511215/fpubh-13-1511215-g001.gif
| Parscpants of NMANES fom

ey
e

Excues o <20 oty

Excues mssng OA o)

Excues s €0 7022)

=
r'—






OPS/images/fpubh-12-1507492/fpubh-12-1507492-t002.jpg
Quartile 1 (<0.20 Quartile 2 (0.20- Quartile 3 (0.33— uartile 4 (>0.60 P for trend

ug/L) 0.33 ug/L) 0.60 ug/L) ug/L)
NMSC () 152 25 390 195
Model 1 Reference 189 (1.46-2.44) 213 (165-2.74) 1.26(0.96-1.66) oon
Model 2 Reference 127 (0.96-1.68) 117 (0.89-1.55) 099 (0.74-133) 0849
Model 3 Reference 082 (0.50-3.14) 126 (0.65-3.50) LI¥10° (9.6¥10°-1.4+10) 0282
NMSC: nonmelanoma skin cancer. No covariates were adjusted in model 1. Age, sex, race, education, and income were adjusted in model 2. Age, sex; race, education, income, body mass

index, hypertension, diabetes, dyslipidemia, current smoke,alcohol use, hours of physical activity, sunscreen or protective clothing, human papillomavirus infection, and urinary arsenic evel
were adjusted in model 3.
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Age  Sex Race ation Income

Model I 0919 0831 <0.001 0694 0626
Model2 0779 | 0346 0.043 0353 0556
Model3 0953 | 0.069 0.231 0189 0594

No covariates were adjusted in model 1. Age, sex, race, education, and income were
adjusted in model 2. Age, sex, race, education, income, body mass index, hypertension,
diabetes, dyslipidemia, current smoke, alcohol use, hours of physical activity, sunscreen or
protective clothing, human papillomavirus infection, and urinary arsenic level were
adjusted in model 3. Bold values meant statistically significant.
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HorvathAge (PMI

: 24138928)
HannumAge (PMID: 23177740)
SkinBloodAge (PMID: 30048243)
PhenoAge (PMID: 29676998)
LinAge (PMID: 26928272)
WeidnerAge (PMID: 24490752)
VidalBraloAge (PMID: 27471517)
YangCell (PMID: 27716309)
ZhangAge (PMID: 31443728)
GrimAgeMort (PMID: 30669119)
GrimAge2Mort (PMID: 36516495)
DunedinPoAm (PMID: 32367804)
HorvathTelo (PMID: 31422385)
ADMMort (PMID: 30669119)

B2MMort (PMI

0669119)

CystatinCMortl (PMID: 30669119)
GDF15Mort (PMID: 30669119)

LeptinMort (PMID: 30669119)

logA1CMort (PMID: 36516495)

CRPMort (PMID: 36516495)

PACKYRSMort (PMID: 30669119)

PATIMort (PMID: 30669119)

TIMP1Mort (PMID: 30669119)

CDSTPP (PMID: 23903776, PMID: 29843789, PMID: 26956433)
CDATPP (PMID: 23903776, PMID: 29843789, PMID: 26956433)
NKeel (PMID: 23903776, PMID: 29843789, PMID: 26956433)
Beell (PMID: 23903776, PMID: 29843789, PMID: 26956433)
MonoPP2 (PMID: 23903776, PMID: 29843789, PMID: 26956433)

NeuPP (PMID: 23903776, PMID: 29843789, PMID: 26956433)

Role

Estimated chronological age
Estimated chronological age
Estimated chronological age
Estimated chronological age
Estimated chronological age
Estimated chronological age
Estimated chronological age
Forecasted mitotic cell division
Estimated chronological age
Estimated mortality

Estimated mortality

predicted pace of aging
Estimated telomere length
Predicted adrenomedullin
Predicted beta-2 microglobulin

predicted cystatin C

Predicted Beta-2 growth differentiation factor 15 u

Predicted leptin
Expected hemoglobin Al

Predicted high sen:

Predicted pack years of smoking

Predicted plasminogen activation inhibitor

predicted tissue inhibitor metalloproteinase 1

Predicted CD8+ T-cell proportion
Predicted CD4+ T-cell proportion
Predicted natural killer cell proportion
Predicted B-cell proportion

Predicted monocyte proportion

Predicted neutrophil proportion

ity C-reactive protein

Source
51 tissues
Whole blood
Skin and blood derived tissues
Whole blood
‘Whole blood
Whole blood
Whole blood
‘Whole blood
Whole blood and saliva
Whole blood
Whole blood
Whole blood
Leukocytes
‘Whole blood
Whole blood
Whole blood
Whole blood
Whole blood
Whole blood
Whole blood
Whole blood
Whole blood
Whole blood
‘Whole blood
Whole blood
Whole blood
Whole blood
Whole blood
Whole blood
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Variable Non-tumor patients i p Overall

N=1,083

Sex: 0.627

Female 523 (48.3%) 80 (46.0%)

Male 560 (51.7%) 94(54.0%)
Age 63.8(9.69) 69.1(10.00) <0.001
Race: <0001

Mexican 272(25.1%) 23 (13.2%)

Non-Hispanic whites 63 (5.8%) 6(3.4%)

Non-Hispanic blacks 459 (42.4%) 119.(68.4%)

Other Hispanics 249 (23.0%) 25 (14.4%)

Other Ethnic Groups 40 (3.7%) 1(06%)
Edu: 0039

High school and above 857 (79.1%) 150 (86.2%)

Below high school 226 (20.9%) 24(13.8%)
Marry: 1000

Get married 734 (67.8%) 118 (67.8%)

Unmarried 349 (32.2%) 56 (32.2%)
Hypertension: 0053

Didn't happened 587 (54.2%) 80 (46.0%)

Exist 496 (45.8%) 94/(54.0%)
Diabetes: 0278

Didn't happened 894 (82.5%) 150 (86.2%)

Exist 189 (17.5%) 24/(13.8%)
HorvathAge 65.2(8.84) 703 (9.81) <0001
HannumAge 648 (9.31) 702 (9.80) <0001
SkinBloodAge 624(9.27) 67.4(974) <0.001
PhenoAge 53.3(102) 589 (11.0) <0.001
ZhangAge 65.9(3.62) 680 (3.82) <0001
LinAge 553 (115) 617 (133) <0.001
WeidnerAge 535(10.2) 569 (11.8) <0.001
VidalBraloAge 59.2(6.27) 630 (7.58) <0001
HorvathAge acceleration 140 (5.32) 124 (6.14) 0755
HannumAge acceleration 0.98 (5.14) 111 (5.64) 0779
SkinBloodAge acceleration ~140 (4.12) ~164(4.90) 0526
PhenoAge acceleration ~1045 (633) ~10.18 (6.90) 0.626
ZhangAge acceleration 215 (6.47) ~1.06 (6.82) <0.001
LinAge acceleration ~8.43 (6.66) ~7.42(851) 0134
WeidnerAge acceleration ~1032 (880) ~1213.(10.1) 0.027
VidalBraloAge acceleration 456 (7.32) ~6.08 (8.04) 0020
GDF15Mort 928 (154) 1,010 (171) <0.001
B2MMort 1,712,009 (168,743) 1,780,582 (166,397) <0.001
CystatinCMort 606,425 (38.641) 625,317 (41,041) <0.001
TIMPIMort 35,106 (1,555) 35,939 (1,663) <0.001
ADMMort 347 (27.5) 357 (26.8) <0001
PAIIMort 17,262 (2,749) 17,685 (2632) 0052
LeptinMort 9,291 (4,075) 9,198 (3,992) 0776
PACKYRSMort 180 (13.0) 208 (12.6) 0.007
CRPMort 0.73(0.45) 075 (0.45) 0508
logAICMort 173 (0.03) 173 (0.03) 0446
GrimAgeMort 642 (8.64) 69.0(9.12) <0001
GrimAge2Mort 700 (8.55) 744 (9.04) <0.001
HorvathiTelo 663 (0.30) 6.47 (034) <0.001
YangCell 0,06 (0.02) 007 (0.02) 0312
DunedinPoAm 1,10 (0.09) 112(0.09) 0020
CDSTPP. 0.09 (0.04) 0.09 (0.04) 0514
CDATPP 0.17(0.06) 0.15 (0.07) <0001
Nkeell 0.06(0.03) 0.06 (0.03) 0.158
Beell 0.07(0.03) 0.06 (0.03) 0220
MonoPP 0.08 (0.02) 0.08 (0.02) 0181
Neupp 057 (0.11) 0,60 (0.12) 0018

WTDN4YR 33,481 (31,803) 38,071 (28,596) 0054
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Variable

Age
Race:
Mesican
Non-Hispanic whites
Non-Hispanic blacks
Other Hispanics
Other Ethnic Groups
Edu:
High school and above
Below high school
Marry:
Get married
Unmarried
Hypertension:
Didn't happened
Exist
HorvathAge
HannumAge
SkinBloodAge
PhenoAge
ZhangAge
LinAge
WeidnerAge
VidalBraloAge
HorvathAge acceleration
HannumAge acceleration
SkinBloodAge acceleration
PhenoAge acceleration
ZhangAge acceleration
LinAge acceleration
Weidner Age acceleration
VidalBraloAge acceleration
GDF15Mort
B2MMort
CystatinCMort
TIMPIMort
ADMMort
PAIIMort
LeptinMort
PACKYRSMort
CRPMort
logA1CMort
GrimAgeMort
GrimAge2Mort
HorvathTelo
YangCell
DunedinPoAm
CDSTPP
CD4TPP.
Nkeell
Beell
MonoPP
NeupP

WTDN4YR

Non-diabetic
N = 1,810
656 (10.1)

481 (26.6%)
115 (6.4%)
800 (44.2%)
357 (19.7%)
57(3.1%)

1,358 (75.0%)
452 (25.0%)

1,170 (64.6%)
640 (35.4%)

1,018 (56.2%)
792 (43.8%)
66.5(9.23)
66.6(9.75)
64.1 (9.74)
55.2(1038)
66.6(3.82)
57.0 (12.5)
54.2(109)
60.2(6.:89)
085 (5.56)
0,97 (550)
156 (451)
~10.45 (667)
100 (6.74)
858 (7.57)
~11.44(9.56)
545 (7.58)
962 (167)
1,743,827 (175,105)
614,217 (40,737)
35,388 (1,613)
350 (27.0)
17,179 (2752)
9,330 (4,053)
18.8 (13.4)
0.75 (0.46)
1.72(0.03)
65.8(893)
715 (882)
658 (031)
0,06 (0.02)
1.11(0.09)
0,09 (0.04)
0.17 (0.06)
0.06(0.03)
0.07(0.03)
0.08 (0.02)
059 (0.11)
32234 (30,634)

Diabetic
N =394
66.6(8.99)

135 (34.3%)
30 (7.6%)
106 (26.9%)
107 (27.1%)
16 (4.1%)

262 (66.5%)
132 (33.5%)

253 (64.2%)
141 (35.8%)

138 (35.0%)
256 (65.0%)
67.8 (8.43)
68.1(9.05)
654 (8.86)
56.8(9.86)
67.1(3.45)
587 (11.2)
549 (9.46)
605 (6.44)
112 (6.02)
149(5.29)
~120 (467)
~9.85 (6.:85)
0.41(6.14)
~7.96 (7.07)
~11.75 (9.15)
~6.11(7.47)
983 (149)
1,769,706 (171,428)
620710 (37,297)
35,655 (1,421)
353 (25.6)
18,550 (2,703)
9,958 (4,299)
19.4(12.1)
093 (0.44)
175 (0.03)
67.3(7.94)
736 (7.79)
656 (0.31)
0.7 (0.02)
112(0.09)
0.10(0.05)
0.16(0.07)
0.06 (0.03)
0.7 (0.03)
0.08(0.02)
059 (0.11)
21,91 (25,770)

p Overall

0048

<0.001

0.001

0918

<0.001

0.007

0.003

0.006

0.004

0029

0010

0197

0326

0416

0077

0161

0118

0.094

0118

0544

0116

0014

0.007

0002

0001

0018

<0.001

0.008

0369

<0.001

<0001

<0.001

<0.001

0220

0048

0125

0237

0503

0616

0877

0938

0718

<0001
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Name Features
AdaBoost (Adaptive Gradually improve model
boosting) performance by combining multiple

weak classifiers (iypically decision
trees), with a particular emphasis on

samples that were previously

misclassified.
GBM (Gradient Optimize the loss function by
boosting machine) gradually adding decision trees and

use gradient descent methods to
minimize error.

KNN (K-nearest Based on distance metrics; make

neighbors) predictions by finding the nearest K
neighbors; applicable to classification

and regression.

LightGBM (Light An effcient gradient boosting
gradient boosting framework developed by Microsoft,
machine) utilizing histogram-based de

tree algorithms, supporting
categorical features, offering fast
training speed, and low memory
consumption.

MLP (Multi-layer Amul

yer perceptron consiss of

perceptron) multiple hidden layers, uses nonlinear
activation functions, and is capable of
learning complex patterns and
relationships.

RF (Random forest) By constructing multiple decision
trees and combining their prediction

results, randomly selecting features

and samples to generate
structures.
SVM (Supportvector  Finds a hyperplane that maximizes

machine) the classification margin; applicable
t0 high-dimensional and small-
sample data; handles nonlinear
boundaries through kernel functions.

XGBoost (Extreme An optimized gradient boosting

‘gradient boosting) framework with efficient
implementation and strong
performance, incorporating parallel
processing, regularization, and
pruning techniques.

Logistic regression “Transforms the lincarly combined
input features into probability values
usinga logistic function (e.g, the
Sigmoid function), suitable for binary
and multiclass classification

problems.

Advantages
Improve classification accuracy;

simple and casy to implement;

applicable to binary

dlassifcation problems.

Powerful predictive ability; high

flexibility; capable of optimizing

various loss functions.

Simple and intuitive; no training

process required; suitable for

small datasets.

Fast training spee

memory efficiency: supports

large-scale data; effcient

handling of categorical features.

Able to capture complex

nonlinear relationships; suitable

for various tasks (classification,

regression).

Strong resistance to overfitting

suitable for high-dimensional

data; capable of handling

missing values; easy to

parallelize.

Performs wellin high-

dimensional spaces;suitable for

small-sample data; handles

nonlinear problems through

kernel functions.

High performance; strong

scalability; supports parallel

computs

widely used in competitions and

& prevents overfitting;

real-world problems.

Simple and easy to understand;

computationally effcient; strong

model interpretability;suitable

for

nearly separable data.

Disadvantages
Sensitive to outliers and noise;
difficult to handle multi-class

problems.

Long training time; prone to
overfitting; complex parameter

tuning,

High computational cost; poor
performance on high-
dimensional data; sensitive to
noise.

Complex parameter tuning;
sensitive to outlers; not suitable

for small datasets.

Long training time; requires
large amounts of data; difficult
tointerpret; prone to

overfiting.

Large model size; slow
prediction speed:; difficult to

interpret.

Long training time; not friendly

tolarge-scale datasets; complex

parameter tuning; sensitive to

noise.

Parameter tuning is complex;
training time is relatvely long;
and there are high requirements

for data preprocessing.

Only applicable to lincar
relationships; sensitive to
‘multicollinearity; not suitable
for handling complex nonlincar

relationships.

Applicable Scenarios
Binary classification tasks;
scenarios where the
performance of simple models

needs to be improved

Regression and classification
tasks; prediction problems on

complex datasets.

Classification and regression
tasks; small-scale datasets;
scenarios requiring simple
models.

Large-scale datasets; tasks
requiring fast training and
prediction; scenarios with

many categorical features.

Large-scale and complex
datasets tasks requiring
handling of nonlinear

relationships.

Classification and regression
tasks; high-dimensional data;
scenarios requiring robust

models.

High-dimensional data; small-
scale datasets; tasks requiring
precise classification

boundaries.

Regression and classification
tasks of various types;
scenarios requiring high

predic

n accuracy and model
performance; large-scale
datasets.

Binary and multiclass
classification tasks; scenarios
where model interpretability is
required; lincarly scparable

datasets.
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Variable Total Female Male p value

Age 4734 042) 47.94 (047) 4670 (0.45) <001
Phenotypic age 4305 (0.48) 4305 (0.55) 43.06(052) 099
Biological age 47.08 (043) 4683 (0.48) 4735 (045) 0.15
Age groups 001
<40 3520 (0.01) 3362 (1.03) 3688 (1.28)
40-59 40.24 (0.02) 4054 (098) 3992 (1.16)
260 2456 (0.01) 2584 (1.14) 2320 (1.04)
Raceethnicity 009
Non-Hispanic White 7350 (0.04) 73.22 (1.85) 7379(1.78)
Non-Hispanic Black 985 (0.01) 1052 (1.04) 9.14(0.77)
Mexican American 7.64(0.01) 7.11(0.84) 8.20(0.94)
Others 9.01(0.01) 9,15 (0.96) 8.87(096)
PIR 001
Low 18.04 0.01) 19.23 (094) 1677 (1.12)
Middle 3705 (0.02) 37.63 (1.14) 3644 (1.20)
High 44,91 (0.03) 43.14(1.65) 46.79 (1.45)
BMI <0.001
Normal 3124 (0.01) 36.86 (1.06) 2526 (1.08)
Overweight 3351 (0.01) 27.61(0.78) 39.78 (1.10)
Obesity 35.25 (0.02) 3553 (0.99) 3496 (1.30)
Marital status <0.001
Never married 15.17(0.01) 14.01(093) 16.41 (1.31)
Married/Living with partner 66.58 (0.03) 6270 (1.16) 70.70 (1.46)
Widowed/Divorced/ 18.25 (0.01) 2329 (071) 1288(0.77)
Separated
Education 003
College or more 58.33 (0.02) 59.89(1.27) 5667 (1.51)
Middle school or lower 541(0.00) 5.11(0.44) 573 (0.50)
High school 3626 (0.02) 3500 (1.23) 37.60 (1.42)
Home status 047
Owned or being bought 7380 (0.04) 7450 (1.31) 7307 (1.45)
Rented 2447 (0.01) 2391(122) 2507 (1.33)
Smoke <0001
Now 2137 (001 18.96 (0.85) 2392 (0.99)
Former 2602(0.01) 2187 (095) 3044 (1.24)
Never 5261 (0.02) 5917 (1.11) 45.64 (1.48)
Drinks <0.001
Nondrinkers 29.10 (0.01) 3434 (141) 2352(1.03)
1-3 drinks/day 5490 (0.03) 5725 (149) 5241 (1.14)
24 drinks/day 16.00 0.01) 840 (0.50) 2407 (1.10)
Physical activity <0.001
Active 39.60 (0.02) 3236 (1.13) 47.29(112)
Inactive 26.24 (0.01) 2837 (1.26) 23.97 (0.94)
Moderate 13.67 0.01) 1491 (0.80) 1234(0.78)
Others 20,50 (0.01) 2437 (1.21) 1639 (0.68)
cvp 837 (0.01) 7.67(0.65) 9.11(0.60) 007
DM 12,65 (0.01) 1221 (072) 13.11(0:83) 033
Hypertension 3621 0.02) 3503 (1.05) 37.46 (1.14) 005
Cancer 9.44 (0.01) 10.26 (0.65) 856 (0.76) 007
Energy (kcal) 2051.97 (15.67) 173562 (12.91) 2388.19 (24.54) <0.001
Healthy Dietary Score 5156 (031) 53.09 (0.40) 49.92(0.39) <0.001
Perchlorate® 492(0.10) 528 (0.14) 453(0.11) <0001
Nitrate* 5228084 (973.87) 58608.83 (1567.37) 45555.46 (834.71) <0.001
‘Thiocyanate* 2595.44 (87.45) 2617.96 (106.56) 257149 (111.62) 072
Year 079
2005-2006 3401 (002) 3388 (1.89) 3415 (1.80)
2007-2008 3202(0.02) 3232(192) 3171 (1.75)
2009-2010 33.96 (0.02) 3380 (1.80) 3414 (1.70)
Weighted Mean +/~ Se and ANOVA for continuous variables. Weighted %, mean (95% C1), and Rao-Scott z* test for categorical variables.

“Unit: pg/g creat

e
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Ref.
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Ref.
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0398

Model 1: adjusted for age, sex and race/ethnicity:
Model 2:adjusted for age, sex,ethnicity, PIR, BMI, marital status, home status, education, physical activity, smoke, and drinks.
Model 3:adjusted for age, sex, ethnicity, PIR, BMI, marital status, home status, education, physical activity, smoke, drinks, hypertension, DM, CVID, cancer, energy (kcal), health dietary score,

and NHANES cycle.
Ref: reference.
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