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Training

data sources NP
manual amodal 64.92 86.91 66.51 89.12 74.67 42,07 68.94 68.62
PCNet amodal 62.75 88.67 53.52 86.41 59.80 4024 64.91 58.35
ASBUNet amodal 6171 88.96 56.65 86.87 66.41 44,68 63.82 61.40
ACBET amodal 60.29 90.01 63.91 86.91 73.52 43.10 64.19 66.18

Box AP and mask AP stand for box average precision and mask average precision, respectively. APS0 stands for average precision when the IOU threshold is 0.5, while AP75 stands for av area <96%),
and APL represents AP for large-sized objects (area >96%). Finally, AR10 refers to average recall with 10 detections per frame.
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backbone

) inv-
Methods segmentation mIOU P-ACC
mIOU
network

PCNet Unet 90.62 91.36 =
ASBUNet Unet 92.47 94.19 38.99
ACBET Swin-Small-Unet 92.76 94.06 3591
ACBET Swin-Base-Unet 93.56 94.89 43.37
ACBET Swin-Tiny-Unet 94.13 97.83 57.79
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IR AP- oP-

Methods

mask image ACC ACC
Area y 1833 39.20 20.40
Y-axis Y 4833 39.31 40.81
PCNet-M y V 91.66 90.19 =
ASBUNet v V 9333 92.15 92.25
ACBET y y 96.67 96.07 95.18

The input column is divided into mask input and image input, and the symbol Y represents
the corresponding input item.
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Prediction performance
Spectral pre-

Quality

processing Accuracy Precision Recall Fl-score
(%) (%) (%) (%)
Dryness MSC LR 99.7 99.7 99.6 99.7 1.00
CBDA conversion SG filter LR 98.1 97.2 97.4 97.3 1.00
THCA conversion MSC LR 947 899 895 89.7 0.99
CBD : THC MSC LR 958 95.0 946 94.8 0.99

AUCgoc area under ROC curve.
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Number of data

Quality
Calibration Prediction
Dryness Extreme dried 0< RWC < 10 2,202 1,761 441
Dried 10< RWC < 40 1,839 1,471 , 368
Fresh 40< RWC < 100 666 533 133
CBDA conversion Low CBD% 0< C/TC < 20 2,505 2,004 501
Middle CBD% 20< C/TC < 60 1,001 ‘ 801 200
High CBD% 60< C/TC < 100 1,201 960 ‘ 241
THCA conversion Low THC% 0< T/TT < 20 2,594 2,075 ‘ 519
Middle THC% 20< T/TT < 50 1,631 1,305 326
High THC% 50< T/TT < 100 482 385 97
CBD : THC High CT 0< C/T< 20 1,371 1,097 274
Extreme high C:T 20 < C/T < 100 3336 | 2,668 668

RWC, relative water content; C/TC, CBD percentage of total CBD (CBD + CBDA); T/TT, THC percentage of total THC (THC + THCA); C/T, ratio of total CBD to total THC.
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