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Workplace bullying is closely related to poor work states. Previous studies have primarily explored the binary relationship between perpetrators and victims, with limited research examining the emotional exhaustion of bullying roles from the perspectives of victims and bystanders. Therefore, this study recruited 597 participants and conducted a scenario-based experiment to investigate whether generative AI can alleviate the poor work states of bullying roles in the medical workplace, thereby demonstrating the interaction between generative AI’s information delivery methods and bullying roles in relation to emotional exhaustion. The results showed that bullying roles in the medical workplace significantly influence emotional exhaustion, with victims experiencing significantly higher levels than bystanders. Moreover, generative AI’s information delivery methods can effectively moderate the work states of victims. Thus, this study advances the field of human-computer interaction by shifting its focus from functional adaptation to emotional ecology. It also provides empirical evidence from medical scenarios for the uncanny valley theory. Furthermore, this research lays a theoretical foundation for the design of emotional interaction functions in medical AI systems.
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1 Introduction

Workplace bullying refers to a pattern of behavior where individuals are subjected to intentional humiliation, exclusion, or attacks in the workplace over a prolonged period (1). In recent years, as societal emphasis on mental health has increased, workplace bullying has become a focal point of interdisciplinary research (2, 3). On one hand, public awareness of workplace bullying has significantly improved due to its destructive effects on reducing employee well-being and increasing turnover rates (4, 5). For instance, Cullinan et al. (6) found that workplace bullying can increase employees’ risk of depression and lead to increased annual productivity losses. On the other hand, the covert and high-frequency nature of workplace bullying has made it more challenging to govern (7), particularly in high-pressure industries such as healthcare. Notably, workplace bullying in the medical field is particularly severe. According to the International Labour Organization, a significant number of healthcare professionals have experienced prolonged bullying, far exceeding other occupational groups (8). This high incidence is closely related to the high-intensity and high-risk nature of the medical field (9). Specifically, the shift system, life-or-death pressures, and resource competition in the medical field have intensified interpersonal conflicts (10–12). However, existing research has primarily focused on the impact of bullying behavior on organizational performance (13), while neglecting an in-depth exploration of the psychological depletion mechanisms of victims. For example, Rodwell and Demir (14) confirmed that bullying weakens career commitment through emotional exhaustion as a mediator but did not distinguish between the differential reaction pathways of victims and bystanders. Meanwhile, previous studies have mostly analyzed the factors influencing workplace bullying (15) but have not further conducted field experiments to investigate the effectiveness of interventions for workplace bullying. Therefore, this study aims to explore effective interventions for workplace bullying in the medical field through field experiments.

Previous research has emphasized that the roles in workplace bullying primarily include victims, perpetrators, and bystanders, with the complexity lying in the dynamic differentiation of roles and context specificity (16–18). Based on role interaction theory, bystanders may transform from moral disengagement into implicit accomplices or become protectors under organizational intervention (19, 20), while victims’ psychological resilience differences may lead them from passive endurance to active coping (21, 22). Both victims and bystanders may be assimilated by perpetrators and become new bullies (23, 24). Therefore, it is crucial to intervene in the psychological experiences of victims and bystanders and reduce the risk of them becoming new bullies. Traditional research has mostly focused on the negative experiences of victims (25, 26), but increasing evidence suggests that the psychological states of bystanders are also worthy of attention (27, 28). Specifically, victims, due to direct attacks, are prone to decreased self-efficacy and emotional exhaustion (29, 30), while bystanders, although not directly harmed, may fall into moral dilemmas and compassion fatigue, or remain in a state of anxiety due to fear of becoming the next target (31, 32). This role differentiation often directly influences the effectiveness of coping strategies, with victims tending toward emotion-oriented coping and bystanders relying more on instrumental strategies (33, 34). In this process, a single intervention strategy may not meet the needs of different role groups (35). Especially in the medical workplace, the tightness of team collaboration may cause bystanders’ emotional exhaustion to indirectly affect patient care quality, further amplifying the negative effects of bullying (36). However, in real life, emotional needs and instrumental strategies are difficult to satisfy simultaneously among colleagues, family, and leaders (37). Colleague groups, based on their professional roles, form interactions with core expectations of task collaboration and efficiency prioritization (38). In this context, instrumental strategies are more likely to be accepted, while excessive emotional demands may be viewed as efficiency losses (39). Given the professionalism and strong knowledge system of the medical field, family groups can provide high-quality emotional support, while instrumental strategies are difficult to implement (40). The core authority of leadership is based on instrumental value, and when employees seek emotional support from their superiors, it may trigger power distance sensitivity, while relying solely on instrumental strategies may exacerbate emotional exhaustion (41, 42). In recent years, the rise of generative AI has provided a new solution for bullied roles (43, 44). This study will focus on analyzing how generative AI can enhance the emotional needs and instrumental strategies of bullying roles in the medical workplace.

In the medical workplace, victims may avoid seeking interpersonal help due to concerns about professional retaliation (45), while generative AI provides a low-risk channel for confiding (46). Bystanders can obtain moral decision-making support through generative AI, reducing negative emotional consumption (47). Therefore, the rise of generative AI has brought significant changes to organizational communication patterns (48), and its information delivery methods may become an important factor in alleviating the poor psychological conditions of bullying roles. Traditional information delivery focuses on fact exchange and task collaboration (49), while emotional delivery, through semantic analysis and emotional computation, simulates human empathetic expressions, helping individuals vent emotions and rebuild psychological safety (50, 51). For example, AI counseling tools based on natural language processing can analyze language patterns to identify users’ emotional states and dynamically adjust response strategies (52). However, in the medical workplace, the action pathways of these two information delivery modes differ significantly. When AI adopts pure information delivery, it may reinforce the objective recording effect of bullying behavior, increasing victims’ cognitive reappraisal pressure (53). In contrast, emotional delivery modes can alleviate emotional exhaustion by generating soothing feedback (54). For instance, in the simulation experiment by Kliewer and Sosnowski (55), the use of emotionalized AI responses in bullying scenarios was shown to decrease cortisol levels in victims, while informational responses had no significant effects. However, existing AI intervention studies have primarily focused on general scenarios and have not designed differentiated information delivery strategies for different bullying roles.

Emotional exhaustion refers to a state of emotional resource overconsumption, extreme fatigue, and energy depletion experienced by individuals under work pressure (56, 57). It reflects the emotional depletion that individuals experience due to prolonged exposure to work pressure (58). Previous research has found that emotional exhaustion manifests differently across various bullying roles (15). Victims, due to continuous exposure to negative interpersonal interactions, exhibit a linear cumulative pattern of emotional resource consumption (59). In contrast, bystanders, although not directly subjected to attacks, experience compassion fatigue and moral dilemmas, leading to significant impacts on their healthy work states (31). Specifically, observing colleagues being bullied may activate bystanders’ psychological defense systems, leading to a chronic stress response and a slower rate of emotional exhaustion compared to victims, though the duration may be longer (60). Notably, individuals’ cognitive appraisal systems influence the emotional exhaustion of bullying roles (61, 62). Bystanders with high psychological resilience may reduce exhaustion risk by reconstructing the meaning of events, while victims with low self-efficacy may fall into learned helplessness (63). Therefore, this study introduces generative AI to explore how the interaction between generative AI’s information delivery methods and medical workplace bullying roles can alleviate emotional exhaustion.

Emotion event theory posits that emotions are complex psychological processes triggered by interactions between individuals and their environment, emphasizing that emotions are not merely passive reactions to external events but also reflections of subjective evaluations and coping strategies (64). Based on this theoretical framework, this study investigates how generative AI’s information delivery methods influence medical workplace bullying roles and subsequently alleviate emotional exhaustion. Furthermore, the professional information transmitted by generative AI can provide objective and reliable information to help individuals in the medical workplace more effectively assess and address bullying behaviors. This fact-based information delivery can reduce the uncertainty and subjective misinterpretation of information, thereby minimizing unnecessary emotional reactions caused by information asymmetry (65, 66). Additionally, the professional information from generative AI can offer suggestions and guidance to help victims address bullying behaviors in a more rational and constructive manner (43, 67). Moreover, the emotional information transmitted by generative AI can help individuals reconstruct the subjective meaning of emotional events, enabling them to manage emotional stress more positively (68). Emotional information delivery aims to trigger individuals’ emotional experiences and guide them to focus on the subjective meaning and internal impact of emotional events (69). For example, generative AI can express understanding and support to victims through natural language, helping them find emotional resonance and comfort (70). This emotionalized information delivery can help victims better release emotional pressure and reduce the emotional pain caused by bullying behaviors (71). Meanwhile, for bystanders, the emotional information delivered by generative AI can evoke empathy and moral responsibility, encouraging them to take active intervention actions. Through this emotionalized information delivery, generative AI can foster a more supportive and inclusive work environment in the medical workplace, thereby reducing emotional exhaustion at the team level. Through this emotional regulation mechanism, generative AI not only helps alleviate emotional exhaustion in the medical workplace but may also promote the long-term development of a healthy workplace culture and enhanced emotional resilience. Therefore, this study aims to reveal the mediating role of generative AI in the relationship between workplace bullying and emotional exhaustion through the lens of emotion event theory, providing new theoretical insights and practical guidance for psychological health management in medical organizations.

This study adopts Emotion Event Theory (64) as its core theoretical framework. EET posits that emotions are dynamic psychological processes initiated by discrete events, where subjective appraisals (rather than objective events alone) determine emotional outcomes. We prioritize Emotion Event Theory over alternative models (e.g., Job Demands–Resources Model) for two reasons.

First, The Emotion Event Theory emphasis on event-driven appraisals aligns with our experimental manipulation of workplace bullying as a concrete, role-specific event (victim vs. bystander scenarios). Whereas the Job Demands–Resources Model explains exhaustion as a function of chronic job demands and resources (58), the Emotion Event Theory better captures the immediate cognitive-emotional sequencing triggered by discrete bullying incidents—a critical mechanism given our scenario-based design.

Second, The Emotion Event Theory uniquely elucidates how external interventions (e.g., AI-generated information) reshape event appraisals. For victims, emotional AI inputs may mitigate threat appraisals by fostering affective coping (69); for bystanders, professional AI inputs may exacerbate moral conflict by heightening cognitive dissonance. The Job Demands–Resources Model lacks the granularity to model such role-contingent intervention pathways.

Based on the above analysis, this study proposes the following hypotheses:


H1: Medical workplace bullying roles have a significant impact on emotional exhaustion, with victims experiencing significantly higher levels than bystanders.
H2: The interaction between generative AI’s information delivery methods and medical workplace bullying roles has a significant impact on emotional exhaustion.
H2a: Under the influence of generative AI delivering professional information, bystanders experience increased emotional exhaustion.
H2b: Under the influence of generative AI delivering emotional information, victims’ emotional exhaustion is alleviated.




2 Methods


2.1 Participants

To test the four hypotheses, we designed a 2 (medical workplace bullying role: victim vs. bystander) × 2 (generative AI information delivery: professional information vs. emotional information) between-subjects experiment. We converted the paper questionnaires into electronic questionnaires and uploaded them to a professional data collection platform Credamo.1 We first contacted the human resource management departments of four hospitals in Nanchang city, Jiangxi Province, and Nanchong City, Sichuan Province. We explained the purpose of the study, the content of the study, the risks, the potential harms and the potential benefits to the director of the department. We obtained consent from the human resources department of the hospital, and the staff from the department assisted us in distributing the electronic and paper questionnaires together. We then randomly recruited 597 medical staff from four tertiary class A hospitals in Nanchang, Jiangxi Province, and Nanchong, Sichuan Province. We informed the participants about the purpose, procedure, and potential risks of the experiment, and all participants signed an informed consent form before starting the questionnaire. This study was approved by the Academic Ethics Committee of Jiangxi Normal University.

The inclusion criteria for this study were: (1) being a medical staff member; (2) working in a tertiary hospital; (3) having normal language communication skills and no obvious cognitive impairment; (4) not having participated in a similar study in the past month; (5) having used generative AI to query information and chat in the past month; and (6) completing the questionnaire within 10 min. The inclusion criterion (6) is due to the fact that our study uses the form of video and pictures for manipulation, where video and picture materials contain a lot of information and require a certain amount of time to understand and analyze. Therefore, in the process of questionnaire design, we set the playing time and presentation time of video and picture materials (2 min for picture materials and 2 min for video materials) to ensure that participants could effectively read and understand the responding materials. Regarding participants longer than 10 min, this is often seen with pausing and forgetting of patient questionnaires, which tends to reduce the accuracy of the data and should be eliminated.

The data collection period was from April to May 2025, and a total of 648 participants were recruited. After excluding 51 participants who did not meet the inclusion criteria (8 non-medical staff, 29 non-tertiary hospital staff, 12 participants took less than 5 min to respond, and 2 participants who had not used generative AI in the past month) (72), the effective sample size was 597, with an effective response rate of 92.12%.

In terms of demographic characteristics, there were 269 male participants and 328 female participants. The age distribution was: 18–25 years (12.9%), 26–40 years (52.1%), 41–60 years (29.6%), and 61 years and above (5.4%). The education level of the participants was: 82 (13.8%) with a junior college degree, 271 (45.4%) with a bachelor’s degree, 135 (22.6%) with a master’s degree, and 109 (18.3%) with a doctoral degree. Notably, the number of participating doctors was significantly lower than that of nurses, which may be due to the 1:2 doctor-to-nurse ratio in Chinese clinical hospitals, with a 1:4 ratio in key departments.



2.2 Experimental procedure

We randomly assigned all participants to either the victim or observer group. We asked all participants to imagine themselves in a medical workplace bullying scenario. We showed the victim group a video of workplace bullying in a medical setting, featuring only the bully and the victim. Meanwhile, we showed the observer group a video of workplace bullying from the observer’s perspective. We then asked both groups: “After watching the video, do you agree that you have had similar workplace experiences?” (1 = strongly disagree, 7 = strongly agree) (73). This question was used to assess the participants’ cognitive degree of workplace bullying. Video details are provided in Supplementary material.

In the victim group: The video shows a total of 2 participants, a man, the attending physician, and a woman, the nurse, in the operating room after the surgery. However, due to the work errors of the nurses, the operation time was prolonged, which increased the workload of the attending physicians. Consequently, the attending physician grabbed the nurse by the back of the head and verbally abused the nurse.

In the observer group: The video shows a total of 3 protagonists in the hospital corridor. The man in blue was the attending physician, and the two thin women were the nurses. Among them, a nurse’s work error caused an increase in the workload of the attending physician, which made the attending physician very angry. The attending physician beat and verbally scolded one of the nurses, while the other nurse witnessed the proceedings.

We then limited the generative AI’s response mode to either professional information or emotional information and asked the same question to the AI, obtaining different answers as the experimental stimulus materials. We guided both groups to use the generative AI and randomly assigned them to either the professional information or emotional information group. We showed the victim group’s two subgroups the professional information and emotional information stimulus materials, respectively. We asked the participants: “After reading the generative AI’s response, do you agree that your emotions have been comforted?” (1 = strongly disagree, 7 = strongly agree) (Figure 1).

[image: Four panels depict a conversation between a user and Generative AI, addressing workplace dynamics in a surgical environment. Each panel describes different scenarios: emotional information with bystander and victim roles, and professional information with bystander and victim roles. Each text revolves around witnessing bullying or feeling isolated as a newcomer in a medical setting, and AI provides supportive analysis and advice. Panels are labeled A, B, C, and D.]

FIGURE 1
 Stimulus map of the way information is transferred in generative AI. (A) Emotional information and bystander roles; (B) professional information and bystander role; (C) professional information and victim role; (D) Emotional information and victim role.


Finally, participants completed the measurement questionnaires for work emotional exhaustion, adapted from Maslach and Jackson (74). The scale has been widely used in Chinese populations and has good cultural adaptability and reliability. In Xu et al. (75) research, the scale was translated into Chinese, and its cultural adaptability was verified in Chinese nurses. We used the scale’s eight measurement items to assess work emotional exhaustion, such as “Do you agree that your work makes you feel emotionally exhausted?” (1 = strongly disagree, 7 = strongly agree, Cronbach’s alpha = 0.834). We used AMOS29.0 software to verify the goodness of fit of variables and found that the model of work emotional exhaustion was well fitted (GFI = 0.986, AGFI = 0.972, RMSEA = 0.034, CFI = 0.998, TLI = 0.996). We also collected demographic information from the participants.




3 Results

Manipulation Check. Referring to Kline (76), we calculated the skewness and kurtosis of the role cognition and information emotionality. The results showed that the skewness and kurtosis values were less than 4 and 8, respectively, indicating that the data approximated a normal distribution (Skewness role cognition = −0.66, Kurtosis role cognition = −1.181; Skewness information emotionality = −0.233, Kurtosis information emotionality = −1.123). We then examined the manipulation effectiveness of medical workplace bullying role and generative AI information delivery, using role cognition and information emotionality as test variables, with an independent samples t-test. The results showed significant differences in role cognition [M bystanders = 4.32, SD bystanders = 2.404; M victims = 5.26, SD victims = 1.979; t (1,595) = 5.256, p < 0.001] and information emotionality [M bystanders = 4.79, SD bystanders = 2.248; M victims = 4.49, SD victims = 1.902; t(1,595) = 3.638, p < 0.001] between the victim and observer groups. Therefore, the manipulation of medical workplace bullying role and generative AI information delivery was successful.

Main Effect Analysis. We conducted a one-way ANOVA with medical workplace bullying role as the independent variable and work emotional exhaustion as the dependent variable. The results showed that the victim group’s work emotional exhaustion (M = 4.413, SD = 1.467) was significantly higher than that of the bystanders group [M = 4.729, SD = 0.997; F(1,595) = 9.512, p < 0.001]. This indicates that medical workplace bullying role has a significant impact on work emotional exhaustion, supporting Hypothesis 1.

Interaction Effect Test. We conducted a process model 1 analysis to examine the moderating effect of generative AI information delivery on the relationship between medical workplace bullying role and work emotional exhaustion. The results showed that medical workplace bullying role (β = 0.3156, 95% CI = [0.1155, 0.5157], p = 0.002) and generative AI information delivery (β = −0.2132, 95% CI = [−0.4133, −0.0131], p = 0.036) significantly predicted work emotional exhaustion. The interaction between generative AI information delivery and medical workplace bullying role also significantly predicted work emotional exhaustion (β = 0.4294, 95% CI = [0.0291, 0.8297], p = 0.0356). This indicates that generative AI has a significant moderating effect on the relationship between medical workplace bullying role and work emotional exhaustion, as shown in Figure 2, supporting Hypothesis 2.

[image: Line graph showing emotional exhaustion levels by bullying role, categorized into professional and emotional information. Victims show higher emotional exhaustion than bystanders, with a slight decrease across roles. Professional information is green, emotional information is orange.]

FIGURE 2
 Interaction between generative AI messaging and bullying roles in the healthcare workplace.


Control Variable Analysis. Based on Schadenhofer et al. (77) study, which found that gender has a significant impact on medical staff’s emotional exhaustion, we conducted a one-way ANOVA to examine the effect of gender on work emotional exhaustion. The results showed that gender had no significant effect on work emotional exhaustion [F(1,595) = 0.123, p = 0.726]. Therefore, the effect of gender on the experimental results can be excluded.

In view of the research findings of Fan et al. (78), different identities of doctors and nurses may lead to differences in work stress, thus resulting in different effects of emotional exhaustion at work. Therefore, we used one-way ANOVA with professional role (doctor Vs nurse) as the independent variable and emotional exhaustion at work as the dependent variable. The results showed that professional role had no significant effect on work-related emotional exhaustion [F(1,595) = 1.421, p = 0.234]. Therefore, we excluded the influence of occupational role on the experimental results.



4 Discussion


4.1 Theoretical implications

This study explores the interaction between generative AI’s information delivery methods and the emotional exhaustion of bullying roles in the medical workplace, making significant theoretical contributions to organizational psychology and the application of artificial intelligence in workplace interventions. First, the findings expand the theoretical framework of workplace bullying by revealing the differential effects of various bullying roles on emotional exhaustion. While traditional research has primarily focused on the negative psychological consequences for victims (79, 80), this study, by comparing bystanders, found that their level of emotional exhaustion, although lower than that of victims, can still worsen when exposed to professional AI information. This highlights the complexity of workplace bullying’s impact, indicating that bystanders are not entirely immune to its negative effects. This calls for a more systematic examination of the dynamic psychological mechanisms across different bullying roles. Additionally, the results support the social cognitive theory, which posits that individuals’ perceptions and emotional reactions to their work environment are moderated by their role orientation (81, 82). This provides a new theoretical perspective for understanding the psychological adaptation processes in bullying contexts.

The study finds significant interactions between the information delivery methods of AI and bullying roles, suggesting that the effectiveness of AI interventions is not universal but highly dependent on the psychological state and role identity of the recipients. This aligns with the media synchronicity theory, which states that the effectiveness of information delivery depends on how well it matches the needs of the audience. Specifically, the alleviating effect of emotional information on victims may stem from its emotional support function, consistent with the core hypothesis of social support theory, which argues that emotional support reduces stress (83). Conversely, the negative impact of professional information on bystanders resonates with cognitive load theory, which suggests that highly professionalized information in high-pressure contexts may exacerbate psychological resource depletion (84). These findings provide theoretical support for the application of AI in organizational management, emphasizing the importance of customized information delivery strategies.

Emotional exhaustion, as a core dimension of job burnout, has traditionally been studied through the lens of the job demands-resources model (85). This study, however, introduces AI interventions to reveal the potential role of technological tools in regulating workplace psychological risks. The finding that emotional AI information alleviates victims’ emotional exhaustion aligns with affect regulation theory, which suggests that external emotional inputs can help individuals rebuild emotional balance (86, 87). Conversely, the negative impact of professional information on bystanders may stem from its failure to effectively meet their emotional needs and its potential to indirectly reinforce feelings of helplessness by emphasizing problem-solving. This extends the theory of emotional exhaustion interventions by proposing that technology-driven information delivery can complement traditional organizational interventions, but its effectiveness depends on precise alignment with the psychological characteristics of the target group.



4.2 Practical implications

The medical workplace is a high-pressure, high-intensity environment where healthcare professionals face demanding tasks and complex interpersonal relationships. This study demonstrates that workplace bullying in the medical field significantly impacts employees’ mental health, particularly in terms of victims’ emotional exhaustion. Therefore, hospitals should establish and improve anti-bullying policies by conducting regular training, anonymous surveys, and psychological counseling to enhance employees’ awareness of workplace bullying and reduce its occurrence. Additionally, hospitals should prioritize the integration of generative AI technologies, particularly AI systems with emotional support capabilities, to provide employees with psychological support and emotional relief resources. In terms of professional information delivery, AI systems can help employees complete tasks more efficiently, thereby reducing workload pressure. In terms of emotional support, AI systems can offer victims timely psychological comfort and resource guidance. Hospital management should also foster an open and inclusive organizational culture by encouraging supportive communication among employees, reducing feelings of isolation and helplessness, and thereby lowering the risk of emotional exhaustion.

As an emerging technology, the application of generative AI in the medical workplace requires a balance between emotional support and professional information delivery. This study finds significant differences in how AI’s information delivery methods alleviate emotional exhaustion among medical professionals. This suggests that AI designers should optimize its information delivery functions to flexibly adjust the nature of the information based on the needs of different roles. For instance, when interacting with victims, AI systems should provide more emotional support and psychological comfort. When engaging with bystanders, AI systems should offer professional support while avoiding purely factual information transmission to prevent worsening emotional burdens. Furthermore, generative AI should possess interaction capabilities to sense users’ emotional states and automatically adjust its information delivery methods to better meet diverse user needs.

This study shows that victims of workplace bullying in the medical field experience significantly higher levels of emotional exhaustion than bystanders. Victims often need to take active measures to address bullying behaviors and alleviate emotional exhaustion. Victims can proactively utilize generative AI technology to obtain psychological comfort and resource suggestions through its emotional support functions. For example, AI systems can provide victims with access to psychological counseling resources, legal support channels, and assistance pathways within and outside their organizations. Additionally, victims should learn to actively seek support rather than endure the situation in silence. Support systems within hospitals and positive interactions among colleagues are crucial pathways to alleviating emotional exhaustion.

Bystanders play a critical role in workplace bullying in the medical field, but this study finds that the professional information delivery methods of generative AI may exacerbate bystanders’ emotional exhaustion. Therefore, bystanders should actively learn to become positive influencers by offering support and resources to victims, thereby reducing their own emotional burdens. Based on the study’s findings, bystanders can utilize the emotional support features of generative AI to alleviate the emotional distress caused by witnessing bullying behaviors. At the same time, bystanders need to learn to regulate their emotional responses rationally, avoiding feelings of helplessness that may arise from purely factual information transmission.



4.3 Limitations and future research directions

Despite the aforementioned findings, this study has several limitations. First, this study acknowledges critical limitations in geographical and cultural generalizability. Our sample was exclusively drawn from hospitals in Nanchang and Nanchong, which represent urban centers in Central and Western China. While these regions exhibit typical characteristics of China’s high-pressure medical systems, the findings may not fully generalize to: (1) Rural healthcare settings with distinct resource limitations; (2) Hospitals in Eastern Chinese megacities where organizational cultures may differ; (3) Non-Chinese contexts where cultural norms modulate bullying dynamics and help-seeking behaviors. For instance, Confucian values prevalent in China may amplify bystanders’ moral conflict when witnessing authority figures engage in bullying, potentially intensifying the negative effect of professional AI information observed in our study. Conversely, cultures with lower power distance might show attenuated effects. Future research should prioritize multi-regional sampling within China and comparative designs across cultures to disentangle cultural from systemic factors.

Second, this study primarily discusses the transmission of professional and emotional information but does not delve into the issue of individualized adaptation of generative AI across different workplace roles. For example, can the emotional support functions of generative AI dynamically adjust based on individual differences? Future research can further optimize generative AI algorithms to enable more personalized information delivery based on users’ actual needs and emotional states, thereby more effectively alleviating emotional exhaustion. Additionally, whether generative AI’s information delivery may influence other roles in the medical workplace is another direction worth exploring.

Third, this study employs a cross-sectional research design, which only captures the static relationship between variables at a single time point and cannot reveal the long-term dynamic mechanisms by which generative AI’s information delivery methods interact with medical workplace bullying roles. For example, can the emotional support functions of generative AI sustainably alleviate victims’ emotional exhaustion over long-term use? Can the professional information transmission of generative AI produce cumulative effects on bystanders’ emotional states? To address these questions, future research can adopt a longitudinal design to examine the long-term impact of different information delivery methods of generative AI on emotional exhaustion among medical professionals. Additionally, this study measures emotional exhaustion using self-report questionnaires, which may introduce subjective biases. Future research could incorporate physiological indicators (e.g., skin conductance, heart rate variability) or objective behavioral data (e.g., work efficiency, error rates) to validate changes in emotional exhaustion.

Fourth, while our scenario-based experiment effectively captured immediate emotional responses to AI interventions, the cross-sectional design inherently limits insights into long-term effects. According to the Conservation of Resources Theory (88), emotional recovery from bullying requires sustained resource replenishment. For victims, repeated exposure to AI-driven emotional support may gradually rebuild psychological capital through mechanisms such as habitual emotion regulation. Conversely, bystanders’ cumulative exposure to professional AI information could exacerbate cognitive load over time, potentially leading to chronic emotional detachment. Future longitudinal studies should track how frequency of AI usage and intervention durability jointly shape emotional trajectories across bullying roles.

Fifth, our measurement of emotional exhaustion relied on self-reported data collected immediately after participants viewed emotionally charged bullying videos. While this design aligns with Emotion Event Theory’s focus on immediate cognitive-emotional sequencing (64), the responses may reflect transient affective states rather than stable emotional exhaustion. Future studies should triangulate self-reports with physiological measures (e.g., cortisol levels, heart rate variability) to capture objective stress responses. Longitudinal designs tracking emotional exhaustion over time could further disentangle short-term reactions from chronic depletion.

Finally, while this study reveals the potential role of generative AI in mitigating emotional exhaustion caused by workplace bullying in the medical field, its practical application still faces challenges. For instance, could generative AI’s information delivery raise concerns about privacy and data security among employees? Can the emotional support functions of generative AI gain acceptance and trust from employees? Future research can conduct field-based empirical studies to examine the practical effects of generative AI in real-world medical workplaces and explore its applicability across different cultures and organizational environments. Furthermore, this study did not examine other potential influencing factors in the medical workplace, such as organizational culture, leadership styles, and team collaboration. Future research can incorporate these variables into the model to develop a more comprehensive theoretical framework.




5 Conclusion

This study conducted a scenario-based experiment with 597 participants to verify the impact of generative AI’s information delivery methods and their interaction with medical workplace bullying roles on emotional exhaustion. Specifically, the findings show that under the influence of professional information delivery by generative AI, bystanders experience increased emotional exhaustion. Conversely, under emotional information delivery by generative AI, victims’ emotional exhaustion is alleviated. This research not only expands the application of emotion event theory but also advances the progress of anti-bullying initiatives in organizations, providing specific suggestions and practical references.



Data availability statement

The original contributions presented in the study are included in the article/Supplementary material, further inquiries can be directed to the corresponding authors.



Ethics statement

The studies involving humans were approved by Academic Ethics Committee of Jiangxi Normal University (Approval No.: IRB-JXNU-PEC-20240508). The studies were conducted in accordance with the local legislation and institutional requirements. The participants provided their written informed consent to participate in this study.



Author contributions

LD: Writing – review & editing, Formal analysis, Writing – original draft, Conceptualization, Investigation, Supervision. DY: Data curation, Visualization, Conceptualization, Project administration, Investigation, Supervision, Writing – review & editing, Writing – original draft. GL: Investigation, Software, Methodology, Writing – review & editing, Writing – original draft, Validation. CH: Formal analysis, Investigation, Writing – review & editing, Supervision, Conceptualization, Writing – original draft. PZ: Formal analysis, Data curation, Writing – review & editing, Investigation, Writing – original draft, Validation.



Funding

The author(s) declare that financial support was received for the research and/or publication of this article. Nanchong Social Science Federation (Health Literacy of Nanchong Residents from the perspective of “Healthy Nanchong”) (No. NC24JK03).



Conflict of interest

The authors declare that the research was conducted in the absence of any commercial or financial relationships that could be construed as a potential conflict of interest.



Correction note

A correction has been made to this article. Details can be found at: 10.3389/fpubh.2025.1724549.



Generative AI statement

The authors declare that generative artificial intelligence was used only to create the stimulus videos for this study. The videos in this study were generated using the AI tool “Hailuo AI” (https://hailuoai.com/) to produce experimental video materials. The characters featured in these videos were created by the Hailuo AI tool based on textual descriptions provided by all authors. The conceptualization of all experimental scenarios, plots, and characters was entirely designed by the researchers.

Any alternative text (alt text) provided alongside figures in this article has been generated by Frontiers with the support of artificial intelligence and reasonable efforts have been made to ensure accuracy, including review by the authors wherever possible. If you identify any issues, please contact us.



Publisher’s note

All claims expressed in this article are solely those of the authors and do not necessarily represent those of their affiliated organizations, or those of the publisher, the editors and the reviewers. Any product that may be evaluated in this article, or claim that may be made by its manufacturer, is not guaranteed or endorsed by the publisher.



Supplementary material

The Supplementary material for this article can be found online at: https://www.frontiersin.org/articles/10.3389/fpubh.2025.1649342/full#supplementary-material


Supplementary Video 1 | Victim’s perspective: Two participants are the perpetrator and the victim.


Supplementary Video 2 | Bystander perspective: The three participants are bystander, victim, perpetrator.



Footnotes

1   https://www.credamo.com/


References
	 1. Einarsen, SV, Hoel, H, Zapf, D, and Cooper, CL. Bullying and harassment in the workplace In: The concept of bullying and harassment at work: The European tradition. Boca Raton, Florida, United States: CRC press (2020). 3–53.
	 2. Tye-Williams, S, Carbo, J, D’Cruz, P, Hollis, LP, Keashly, L, Mattice, C , et al. Exploring workplace bullying from diverse perspectives: a journal of applied communication research forum. J Appl Commun Res. (2020) 48:637–53. doi: 10.1080/00909882.2020.1830148
	 3. Divyakala, C, and Vasumathi, A. Tracing the threads: a bibliometric exploration of workplace bullying, psychological well-being, and employee performance. Multidisciplin Rev. (2024) 7:2024056. doi: 10.31893/multirev.2024056
	 4. De Clercq, D, Fatima, T, and Jahanzeb, S. Bullying and turnover intentions: how creative employees overcome perceptions of dysfunctional organizational politics. Pers Rev. (2022) 51:2239–60. doi: 10.1108/PR-05-2020-0326
	 5. Farley, S, Mokhtar, D, Ng, K, and Niven, K. What influences the relationship between workplace bullying and employee well-being? A systematic review of moderators. Work Stress. (2023) 37:345–72. doi: 10.1080/02678373.2023.2169968
	 6. Cullinan, J, Hodgins, M, Hogan, V, and Pursell, L. The value of lost productivity from workplace bullying in Ireland. Occup Med. (2020) 70:251–8. doi: 10.1093/occmed/kqaa067 
	 7. Alper Ay, F. Workplace mobbing as a form of serious workplace conflict: a bibliometric analysis of studies from 1990 to 2024. Trauma Violence Abuse. (2025):15248380251349772. doi: 10.1177/15248380251349772
	 8. Ariza-Montes, A, Muniz, NM, Montero-Simó, MJ, and Araque-Padilla, RA. Workplace bullying among healthcare workers. Int J Environ Res Public Health. (2013) 10:3121–39. doi: 10.3390/ijerph10083121 
	 9. Lin, Q, Liu, L, Fu, M, Chen, K, Li, L, Jiang, M , et al. Research hotspots and trends in workplace violence among healthcare professionals: a bibliometric and visualization analysis based on web of science. J Multidiscip Healthc. (2025) 18:2111–29. doi: 10.2147/JMDH.S508935 
	 10. Palancı, Y, Mengenci, C, Bayraktaroğlu, S, and Emhan, A. Analysis of workplace health and safety, job stress, interpersonal conflict, and turnover intention: a comparative study in the health sector. Health Psychol Rep. (2020) 9:76–86. doi: 10.5114/hpr.2020.99971 
	 11. Jerng, J-S, Huang, S-F, Liang, H-W, Chen, L-C, Lin, C-K, Huang, H-F , et al. Workplace interpersonal conflicts among the healthcare workers: retrospective exploration from the institutional incident reporting system of a university-affiliated medical center. PLoS One. (2017) 12:e0171696. doi: 10.1371/journal.pone.0171696 
	 12. Somaraju, AV, Griffin, DJ, Olenick, J, Chang, CD, and Kozlowski, SWJ. The dynamic nature of interpersonal conflict and psychological strain in extreme work settings. J Occup Health Psychol. (2022) 27:53–73. doi: 10.1037/ocp0000290 
	 13. Ahmed, A, Jabeen, M, Mansha, F, Ali, KF, and Shaukat, F. High-performance work system and organizational performance: mediating role of workplace bullying. J Organ Behav Res. (2019) 4:1–18.
	 14. Rodwell, J, and Demir, D. Oppression and exposure as differentiating predictors of types of workplace violence for nurses. J Clin Nurs. (2012) 21:2296–305. doi: 10.1111/j.1365-2702.2012.04192.x 
	 15. Ma, S, Xie, W, and Ramalho, NJ. Impact of bullying on occupational commitment in young nursing professionals: the mediating role of emotional labour and emotional exhaustion. Contemp Nurse. (2021) 57:13–27. doi: 10.1080/10376178.2021.1912617 
	 16. Desrumaux, P, Jeoffrion, C, Bouterfas, N, De Bosscher, S, and Boudenghan, MC. Workplace bullying: how do bystanders’ emotions and the type of bullying influence their willingness to help? Nord Psychol. (2018) 70:259–77. doi: 10.1080/19012276.2018.1430610
	 17. Paull, M, Omari, M, and Standen, P. When is a bystander not a bystander? A typology of the roles of bystanders in workplace bullying. Asia Pac J Hum Resour. (2012) 50:351–66. doi: 10.1111/j.1744-7941.2012.00027.x
	 18. Branch, S, Shallcross, L, Barker, M, Ramsay, S, and Murray, JP. Theoretical frameworks that have explained workplace bullying: retracing contributions across the decades In: Concepts, Approaches and Methods. eds. P D’Cruz, E Noronha, G Notelaers, and G. Rayner Singapore. (2021). 87–130.
	 19. Pouwelse, M, Mulder, R, and Mikkelsen, EG. The role of bystanders in workplace bullying: an overview of theories and empirical research In: Pathways of job-related negative behaviour. eds. P D’Cruz, E Noronha, E Baillien, B Catley, K Harlos, and A Høgh, et al. Singapore. (2021). 385–422.
	 20. Ng, K, Niven, K, and Hoel, H. ‘I could help, but…’: A dynamic sensemaking model of workplace bullying bystanders. Hum Relat. (2020) 73:1718–46. doi: 10.1177/0018726719884617
	 21. van Heugten, K, D’Cruz, P, and Mishra, N. Surviving workplace bullying, emotional abuse and harassment In: Pathways of job-related negative behaviour. eds. P D’Cruz, E Noronha, E Baillien, B Catley, K Harlos, and A Høgh, et al. Singapore. (2021). 231–62.
	 22. Wu, M, He, Q, Imran, M, and Fu, J. Workplace bullying, anxiety, and job performance: choosing between “passive resistance” or “swallowing the insult”? Front Psychol. (2020) 10:2953. doi: 10.3389/fpsyg.2019.02953 
	 23. Mazzone, A. Bystanders to bullying: An introduction to the special issue. Springer; (2020). p. 1–5.
	 24. Logan-Greene, P, Nurius, PS, Hooven, C, and Thompson, EA. Life course associations between victimization and aggression: distinct and cumulative contributions. Child Adolesc Soc Work J. (2015) 32:269–79. doi: 10.1007/s10560-014-0358-0 
	 25. Ciby, M, and Raya, R. Exploring victims’ experiences of workplace bullying: a grounded theory approach. Vikalpa. (2014) 39:69–82. doi: 10.1177/0256090920140208
	 26. Mikkelsen, EG, and Einarsen, S. Basic assumptions and symptoms of post-traumatic stress among victims of bullying at work. Eur J Work Organ Psychol. (2002) 11:87–111. doi: 10.1080/13594320143000861
	 27. Coyne, I, Gopaul, A-M, Campbell, M, Pankász, A, Garland, R, and Cousans, F. Bystander responses to bullying at work: the role of mode, type and relationship to target. J Bus Ethics. (2019) 157:813–27. doi: 10.1007/s10551-017-3692-2
	 28. Ng, K, Niven, K, and Notelaers, G. Does bystander behavior make a difference? How passive and active bystanders in the group moderate the effects of bullying exposure. J Occup Health Psychol. (2022) 27:119–35. doi: 10.1037/ocp0000296 
	 29. Gemzøe Mikkelsen, E, and Einarsen, S. Relationships between exposure to bullying at work and psychological and psychosomatic health complaints: the role of state negative affectivity and generalized self–efficacy. Scand J Psychol. (2002) 43:397–405. doi: 10.1111/1467-9450.00307 
	 30. Liang, H-L. Does workplace bullying produce employee voice and physical health issues? Testing the mediating role of emotional exhaustion. Front Psychol. (2021) 12:610944. doi: 10.3389/fpsyg.2021.610944 
	 31. Martocci, L. The capacity to intervene: bullying, social pain, and bystander empathy. Sociol Inquiry. (2021) 91:114–39. doi: 10.1111/soin.12288
	 32. Vessey, JA, DeMarco, R, and DiFazio, R. Bullying, harassment, and horizontal violence in the nursing workforce the state of the science. Annu Rev Nurs Res. (2010) 28:133–57. doi: 10.1891/0739-6686.28.133 
	 33. Van den Brande, W, Baillien, E, Vander Elst, T, De Witte, H, Van den Broeck, A, and Godderis, L. Exposure to workplace bullying: the role of coping strategies in dealing with work stressors. Biomed Res Int. (2017) 2017:1–12. doi: 10.1155/2017/1019529 
	 34. Wei, W, Chen, H, Feng, J, and Li, J. Helpful or hurtful? A study on the behavior choice of bystanders in the context of abusive supervision. Int J Confl Manag. (2023) 34:623–43. doi: 10.1108/IJCMA-10-2022-0167
	 35. Saam, NJ. Interventions in workplace bullying: a multilevel approach. Eur J Work Organ Psychol. (2010) 19:51–75. doi: 10.1080/13594320802651403
	 36. Holm, K, Jönsson, S, and Muhonen, T. How are witnessed workplace bullying and bystander roles related to perceived care quality, work engagement, and turnover intentions in the healthcare sector? A longitudinal study. Int J Nurs Stud. (2023) 138:104429. doi: 10.1016/j.ijnurstu.2022.104429 
	 37. Pescosolido, AT. Emergent leaders as managers of group emotion. Leadersh Q. (2002) 13:583–99. doi: 10.1016/S1048-9843(02)00145-5
	 38. Patel, H, Pettitt, M, and Wilson, JR. Factors of collaborative working: a framework for a collaboration model. Appl Ergon. (2012) 43:1–26. doi: 10.1016/j.apergo.2011.04.009 
	 39. Poortvliet, PM, Anseel, F, and Theuwis, F. Mastery-approach and mastery-avoidance goals and their relation with exhaustion and engagement at work: the roles of emotional and instrumental support. Work Stress. (2015) 29:150–70. doi: 10.1080/02678373.2015.1031856
	 40. Matsunaga, M. Parents don’t (always) know their children have been bullied: child-parent discrepancy on bullying and family-level profile of communication standards. Hum Commun Res. (2009) 35:221–47. doi: 10.1111/j.1468-2958.2009.01345.x
	 41. Lin, X, Chen, ZX, Tse, HH, Wei, W, and Ma, C. Why and when employees like to speak up more under humble leaders? The roles of personal sense of power and power distance. J Bus Ethics. (2019) 158:937–50. doi: 10.1007/s10551-017-3704-2
	 42. Lam, LW, and Xu, AJ. Power imbalance and employee silence: the role of abusive leadership, power distance orientation, and perceived organisational politics. Appl Psychol. (2019) 68:513–46. doi: 10.1111/apps.12170
	 43. Rajeshwari, BS, and Divya, I. Combating cyberbullying with generative AI: Large language models (LLMs) in cyberbullying prevention. Combating Cyberbullying With Generative AI: IGI Global Scientific Publishing; (2025). p. 329–364.
	 44. Kumar, MSR, Singh, TM, and Doss, S. Developing ethical generative AI models to combat cyberbullying on social media platforms. Combating Cyberbullying With Generative AI: IGI Global Scientific Publishing; (2025). p. 127–150.
	 45. Chan, S, Khong, P, and Wang, W. Psychological responses, coping and supporting needs of healthcare professionals as second victims. Int Nurs Rev. (2017) 64:242–62. doi: 10.1111/inr.12317 
	 46. Papneja, H, and Yadav, N. Self-disclosure to conversational AI: a literature review, emergent framework, and directions for future research. Pers Ubiquit Comput. (2024) 29:119–51. doi: 10.1007/s00779-024-01823-7
	 47. Mladenović, D, Beheshti, M, Kolar, T, Ismagilova, E, and Dwivedi, YK. Synthetic WOM? The emergence of generative artificial intelligence-induced recommendations. J Comput Inf Syst. (2024) 1-18:1–18. doi: 10.1080/08874417.2024.2409252 
	 48. Gans, JS. How will generative AI impact communication? Econ Lett. (2024) 242:111872. doi: 10.1016/j.econlet.2024.111872
	 49. Belanger, F. Communication patterns in distributed work groups: a network analysis. IEEE Trans Prof Commun. (2002) 42:261–75. doi: 10.1109/47.807962
	 50. Xiao, B, Imel, ZE, Georgiou, P, Atkins, DC, and Narayanan, SS. Computational analysis and simulation of empathic behaviors: a survey of empathy modeling with behavioral signal processing framework. Curr Psychiatry Rep. (2016) 18:1–11. doi: 10.1007/s11920-016-0682-5 
	 51. Gobron, S, Ahn, J, Paltoglou, G, Thelwall, M, and Thalmann, D. From sentence to emotion: a real-time three-dimensional graphics metaphor of emotions extracted from text. Vis Comput. (2010) 26:505–19. doi: 10.1007/s00371-010-0446-x
	 52. Oh, K-J, Lee, D, Ko, B, and Choi, H-J (2017) A chatbot for psychiatric counseling in mental healthcare service based on emotional dialogue analysis and sentence generation. In: 2017 18th IEEE international conference on mobile data management (MDM); (2017). IEEE.
	 53. Zhou, S, Yi, N, Rasiah, R, Zhao, H, and Mo, Z. An empirical study on the dark side of service employees’ AI awareness: behavioral responses, emotional mechanisms, and mitigating factors. J Retail Consum Serv. (2024) 79:103869. doi: 10.1016/j.jretconser.2024.103869
	 54. Lal, A, Dhadwal, P, Gade, D, and Joy, J. TherapAI: AI-powered therapy Chatbot with sentiment analysis, mood tracking, and automated reporting for enhanced mental health support. In: 2024 international conference on communication, control, and intelligent systems (CCIS); (2024): IEEE.
	 55. Kliewer, W, Sosnowski, DW, Noh, H, McGuire, K, and Wright, AW. Peer victimization and cortisol production in children and adolescents: a systematic review. J Appl Biobehav Res. (2019) 24:e12172. doi: 10.1111/jabr.12172
	 56. Tripathi, P, and Priyadarshi, P. Self-control and emotional exhaustion: mediating role of effort-reward imbalance and emotional demands. Int J Organ Anal. (2024) 32:1464–82. doi: 10.1108/IJOA-03-2023-3690
	 57. Sheng, N, Yang, C, Han, L, and Jou, M. Too much overload and concerns: antecedents of social media fatigue and the mediating role of emotional exhaustion. Comput Hum Behav. (2023) 139:107500. doi: 10.1016/j.chb.2022.107500
	 58. Bakker, AB, and De Vries, JD. Job demands–resources theory and self-regulation: new explanations and remedies for job burnout. Anxiety Stress Coping. (2021) 34:1–21. doi: 10.1080/10615806.2020.1797695 
	 59. Rosen, PJ, Milich, R, and Harris, MJ. Victims of their own cognitions: implicit social cognitions, emotional distress, and peer victimization. J Appl Dev Psychol. (2007) 28:211–26. doi: 10.1016/j.appdev.2007.02.001
	 60. Itzkovich, Y, Barhon, E, and Lev-Wiesel, R. Health and risk behaviors of bystanders: an integrative theoretical model of bystanders’ reactions to mistreatment. Int J Environ Res Public Health. (2021) 18:5552. doi: 10.3390/ijerph18115552 
	 61. Hewett, R, Liefooghe, A, Visockaite, G, and Roongrerngsuke, S. Bullying at work: cognitive appraisal of negative acts, coping, wellbeing, and performance. J Occup Health Psychol. (2018) 23:71–84. doi: 10.1037/ocp0000064 
	 62. Hosseini, Z, and Homayuni, A. Personality and occupational correlates of anxiety and depression in nurses: the contribution of role conflict, core self-evaluations, negative affect and bullying. BMC Psychol. (2022) 10:215. doi: 10.1186/s40359-022-00921-6 
	 63. Thornberg, R, Wänström, L, Elmelid, R, Johansson, A, and Mellander, E. Standing up for the victim or supporting the bully? Bystander responses and their associations with moral disengagement, defender self-efficacy, and collective efficacy. Soc Psychol Educ. (2020) 23:563–81. doi: 10.1007/s11218-020-09549-z
	 64. Scherer, KR, and Moors, A. The emotion process: event appraisal and component differentiation. Annu Rev Psychol. (2019) 70:719–45. doi: 10.1146/annurev-psych-122216-011854 
	 65. Bandi, A, Adapa, PVSR, and Kuchi, YEVPK. The power of generative ai: a review of requirements, models, input–output formats, evaluation metrics, and challenges. Fut Internet. (2023) 15:260. doi: 10.3390/fi15080260 
	 66. Xu, Y, and He, W. More information= less aggression? Impact of information asymmetry on Chinese patients’ aggression. Front Public Health. (2019) 7:118. doi: 10.3389/fpubh.2019.00118 
	 67. Henry, N, Witt, A, and Vasil, S. A ‘design justice’approach to developing digital tools for addressing gender-based violence: exploring the possibilities and limits of feminist chatbots. Inf Commun Soc. (2024) 27:1–24. doi: 10.1080/1369118X.2024.2363900
	 68. Hessari, H, Bai, A, and Daneshmandi, F. Generative AI: boosting adaptability and reducing workplace overload. J Comput Inf Syst. (2024) 64:1–14. doi: 10.1080/08874417.2024.2417672
	 69. Frijda, N. Emotion experience. Cogn Emot. (2005) 19:473–97. doi: 10.1080/02699930441000346
	 70. Pawar, V, Vhatkar, A, Chavan, P, Gawankar, S, and Nair, S, The future of emotional engineering: Integrating generative AI and emotional intelligence. In: 2024 8th international conference on computing, communication, control and automation (ICCUBEA); (2024). IEEE.
	 71. Varra, LB, Singh, TM, and Lippert, K. AI-based cyberbullying detection techniques and strategies In: Combating Cyberbullying With Generative AI. Hershey, USA: IGI Global Scientific Publishing (2025). 63–94.
	 72. Gui, G, Yang, D, Liu, Y, Yao, Y, Xie, X, Liu, R , et al. How family support alleviates death anxiety in breast cancer patients: the mediating role of meaning in life. Front Public Health. (2025) 13:1567485. doi: 10.3389/fpubh.2025.1567485 
	 73. Djurkovic, N, McCormack, D, and Casimir, G. Workplace bullying and intention to leave: the moderating effect of perceived organisational support. Hum Resour Manage J. (2008) 18:405–22. doi: 10.1111/j.1748-8583.2008.00081.x
	 74. Maslach, C, and Jackson, SE. The measurement of experienced burnout. J Organ Behav. (1981) 2:99–113. doi: 10.1002/job.4030020205
	 75. Xu, H, Yuan, Y, Gong, W, Zhang, J, Liu, X, Zhu, P , et al. Reliability and validity of the Chinese version of Oldenburg burnout inventory for Chinese nurses. Nurs Open. (2022) 9:320–8. doi: 10.1002/nop2.1065 
	 76. Kline, RB. Software review: software programs for structural equation modeling: Amos, EQS, and LISREL. J Psychoeduc Assess. (1998) 16:343–64. doi: 10.1177/073428299801600407
	 77. Schadenhofer, P, Kundi, M, Abrahamian, H, Stummer, H, and Kautzky-Willer, A. Influence of gender, working field and psychosocial factors on the vulnerability for burnout in mental hospital staff: results of an Austrian cross-sectional study. Scand J Caring Sci. (2018) 32:335–45. doi: 10.1111/scs.12467 
	 78. Fan, Y, Zhang, Y, Pu, G, Zhao, Q, Xu, Y, Li, Q , et al. The relationship between person-vocation fit and burnout among resident physicians: a single-center cross-sectional survey. PLoS One. (2025) 20:e0324707. doi: 10.1371/journal.pone.0324707 
	 79. Nielsen, MB, and Einarsen, S. Outcomes of exposure to workplace bullying: a meta-analytic review. Work Stress. (2012) 26:309–32. doi: 10.1080/02678373.2012.734709
	 80. Salin, D, and Notelaers, G. The effects of workplace bullying on witnesses: violation of the psychological contract as an explanatory mechanism? Int J Hum Resour Manage. (2020) 31:2319–39. doi: 10.1080/09585192.2018.1443964
	 81. O’driscoll, MP, and Beehr, TA. Moderating effects of perceived control and need for clarity on the relationship between role stressors and employee affective reactions. J Soc Psychol. (2000) 140:151–9. doi: 10.1080/00224540009600454 
	 82. Taylor, SG, and Kluemper, DH. Linking perceptions of role stress and incivility to workplace aggression: the moderating role of personality. J Occup Health Psychol. (2012) 17:316–29. doi: 10.1037/a0028211 
	 83. Cohen, S, and Wills, TA. Stress, social support, and the buffering hypothesis. Psychol Bull. (1985) 98:310–57. doi: 10.1037/0033-2909.98.2.310 
	 84. Kumar, M, Saini, A, and Jeet, K. Sustaining mental health amidst high-pressure job scenarios: a narrative review. Int J Community Med Public Health. (2024) 11:3319–25. doi: 10.18203/2394-6040.ijcmph20242197
	 85. Schaufeli, WB. Applying the job demands-resources model: a ‘how to’guide to measuring and tackling work engagement and burnout. Organ Dyn. (2017) 46:120–32. doi: 10.1016/j.orgdyn.2017.04.008
	 86. Henkel, AP, Bromuri, S, Iren, D, and Urovi, V. Half human, half machine–augmenting service employees with AI for interpersonal emotion regulation. J Serv Manag. (2020) 31:247–65. doi: 10.1108/JOSM-05-2019-0160
	 87. Roth, G, Vansteenkiste, M, and Ryan, RM. Integrative emotion regulation: process and development from a self-determination theory perspective. Dev Psychopathol. (2019) 31:945–56. doi: 10.1017/S0954579419000403 
	 88. Hobfoll, SE. Conservation of resources. A new attempt at conceptualizing stress. Am Psychol. (1989) 44:513–24. doi: 10.1037/0003-066X.44.3.513 


Copyright
 © 2025 Deng, Yang, Liang, Hu and Zhang. This is an open-access article distributed under the terms of the Creative Commons Attribution License (CC BY). The use, distribution or reproduction in other forums is permitted, provided the original author(s) and the copyright owner(s) are credited and that the original publication in this journal is cited, in accordance with accepted academic practice. No use, distribution or reproduction is permitted which does not comply with these terms.

OPS/xhtml/Nav.xhtml




Contents





		Cover



		The impact of generative AI’S information delivery methods on emotional exhaustion among bullying roles in the medical workplace



		1 Introduction



		2 Methods



		2.1 Participants



		2.2 Experimental procedure









		3 Results



		4 Discussion



		4.1 Theoretical implications



		4.2 Practical implications



		4.3 Limitations and future research directions









		5 Conclusion



		Data availability statement



		Ethics statement



		Author contributions



		Funding



		Conflict of interest



		Correction note



		Generative AI statement



		Publisher’s note



		Supplementary material



		Footnotes



		References



















OPS/images/fpubh-13-1649342-g001.jpg
Emotion] iformation wsfer sod bysiander roles

e

oy 1 have . cha with you? T o ewy-bied e, Tods, i the operting room, 1 witossed he cuie|
proces of snothe newl-bired colleague beng subjecied to Warkpiace buling. Undet the dim light of the
opersin room. the si was biery old. Nurse L, with 3 biood tined g3uze, “plopped” i o Zaang’|
rcament . splareing  fee drops of drk red blood. Hee voice was o loud but piced oto veryones|
s “Newbie, hury upt- She did even it h eye. The room el silent instanly. The nsrument s
overed her head and igorousy wiped the foreps, while the anesthesilogistsaed at the monito. 1 clenche|
e recording bord ithmy fingers, which fl Sl - he gz i that eay was obviusly excessive. No one|
poe. Ony the ticking sound of the monitr pounded in the silence. Afe seiag Zbangs e a the shif|
cheduie and the consecutive rd circes mavkin bisnight shifl, my throat tghtnd. and 1 siatly fixed my|
sz o therefictiv floorbenesth me. Thesic s s thick i et ke soldifed iodine.

Generstve st
1t you e a s et thepcia cold o v s e o
ufocin thn the cold quipment Th ag i

qais of e nrsing prfesion. A1 e momea, depresion i ot the ol Sate tht ou shoukd be
[Respect and coopertion nthe workplace r the roper tempeatre. 1 you wan,fel s 0 lk 0 e sbout
oot elings,concens, o Jut need ot 0 (lk t. Your emetions deserve 1 besee nd vlued. The
e may e heavya the momen, bt you Kindaess el i e, even i ek is qietly rowiag i i

Sometmes, e ess esistanc ot the mediate G, bt h sl o et e ol
xtinguishin th Tre i he heast. When 300 have power ot warth will v esally become  ipple st
it oer.

ebtene, uxd 1 sty ixed )
e o thereflcive Bor benesth e The e was 5 thck i £t ke solified fdin
575 Vimess of he event, you need t immedisely mionin pyehoio

Speciicuions .
[oin th fiance of new miser acose Bospial it to prevet prysholopial exhauston. Suvsaie]
[Spport can e implemerted i th canc prepre vuma. merkchey kit for bollicd solcagues. ]
imianeousty subeu he propora of s responce mechinisn o e mures o he g deparinea
[Servaion of the momear e scraly th st e el of medical comcince. . tose Jodopo
ongeaied on h refecive oo, o be meled gain by th emperaue of professiona cooperion

Message the gnerative AU

essage the generative AL

A

B

Professiona iforma

fer and vici oles

Emotion) iformat i

e
a1 bave  chat with you? 1 am a el recruited mrse, Today. because 1 am ot familiae with the sugical

[ Tomorro it 1 kaow, wil b i agala, alon it the ple ofbloody Fauze that o oge waots o touch

Generatve a1
5 3 new ourse, you encounter tension and workplace bulying during sugery that requives an immedine]
professional response.piese giveprioiy o psyehologicl proection onight, se the 4-7- brething method]
i for 3 seconds,hoid breatsfor 7 seconds, exalefor § seconds) o releve physical symptons,aad record]
e deais of the incdeot i detall(ime, who weas prsen,speifc words and actions). Be sur t activate e
support system: immeditely contact the hospital Employee Assistance Program (EAP) for piychalogicl
counselng.or cal the peyehological hlne ifthis sevie s ot avalble.  must submit a witn icide]
record (mal rtenion cenificte) o the nusing depariment omorrow and 3pply fo the e tutr o follow
e i

e
oy 1 ve  chat with you? 1 am a ey rcritd e, Today, because 1 am ot filie with te srgical

Tomerrow ighs, ko, il b nine agai.along it the ple o bloody gauze hat o one wans o ouch.

Generative AL
[Dea iend, my heat i wreaching t baryoursoy. You lcady bve a caee ht reuies a1t of courage,
0 oday i sty b o bear the presars aone. Pl e e o you gealy ou doat ned o bl
[oursel o hese eelings of elplesness—evey litering mise wasooce a ebliog baby bied on a e
o The usfmiliae soundofnsrunens on the aperaind table, e suddea riicalcondion of poiets, the
ofsleacearoundthan.. s o of eight o put o you alone. But I want o el you thee imprtant
hins: Tecsin i the body' mosthonest rotectionagaiost the koo, aod ol s aers’ cover (0 el
o ocompetenc. The snering s frgot h s tim he b shook with  oumique, ad thedietor's
nce may havehiddena more comple sense of poerlessoes—but that shouk never be yous When you
50, cat breate”ad sl i thesutr, when o ae i slaion andsll focus o he patets safey—|
hese ae the oot el wings of the angel i whie lease feltheis renbing hand it i holding countless
people’ fur ialiy: Te loods gauzesan pusishia nigh shiftsae proof o the bl cowardice I you
e t0 1l accompany you 1 document these Ui aaagemeats (serely save phtosof heschedile?).
Whenis the colds before dav,senember it T ol bot e fo You a1 e of h sreen
Cry ifvou wa,but when e done, oo i th miror—tere's  ght i your eyes that st saved sonecne
under the surgical lamp. Tey i e talbefoceyou tar our Sl tomorzo ot your hands o your heat
0 sy, dot e thei approval o prove my worth”
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