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public, the chaotic collection and transportation of garbage
trucks, the regular and fixed-point delivery of garbage cans,
and the lack of community staffing are the key topics.
The lag of infrastructure will inevitably affect the smooth
implementation and promotion of waste classification policy.
Therefore, we should strengthen policy support for waste
classification infrastructure and improve the construction of
waste classification facilities.

Third, establish an effective policy demand feedback
mechanism. Big data is the key to improving the supply
efficiency of public policies and innovating social governance
models. Waste classification belongs to the environmental
protection category, including the scope of social public policy
services, and it is a typical public good. Promote the supply-
side reform of public policy, pay particular attention to the
expression of policy needs of the broad masses of the people,
and strengthen the communication and interaction between the
government and society. Through the establishment of policy
demand expression and feedback mechanism to ensure the
effectiveness of obtaining public policy demand information,
make reasonable supply arrangements. However, at present,
the public feedback mechanism of waste classification policy
is relatively lacking, and the public’s emotional evaluation,
questioning, and other perceived information about relevant
policies have not received corresponding attention and
response, thus reducing the public participation rate, and
affected the implementation effect of the policy. Therefore, it is
necessary to establish a policy demand expression and feedback
mechanism based on cyberspace, timely understand the
public’s demands in the implementation of waste classification
policy and master the public’s feedback and suggestions to
effectively promote the improvement of the implementation
of waste classification policy and the matching between policy
supply and demand.

Limitation and prospects

Besides the implications, this study has some limitations
that can be addressed in future studies. First, this article
tentatively puts forward the research framework of public
perception of environmental policy based on network text
analysis. Compared with other methods, the network data
based on Weibo can extract relevant information from the
public more effectively. Admittedly, only the information
extracted from Weibo is limited and cannot fully represent
the public’s ideas because many people still do not use
Weibo. Future research can comprehensively adopt the
multiplatform comparison method to capture the public’s
of

Second, in terms of information processing, this article

perception environmental policies comprehensively.
combines computer and manual information screening,

which ensures the accuracy of information to a certain
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extent, but it also invests more manual energy in training
set data annotation. In future research, the efficiency of
information screening can be improved by constructing a
corresponding corpus and knowledge base and applying
machine learning methods. Finally, the scope of public
perception studied in this article is limited to the public’s
cognition and emotion of environmental policy, future research
may focus on the transformation process from Chinese public
cognition and emotion to subsequent behavior or explore the
global participation.
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