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Functional brain connectivity networks exhibit “small-world” characteristics and some

of these networks follow a “rich-club” organization, whereby a few nodes of high

connectivity (hubs) tend to connect more densely among themselves than to nodes

of lower connectivity. The Current study followed an “attack strategy” to compare the

rich-club and small-world network organization models using Magnetoencephalographic

(MEG) recordings from mild traumatic brain injury (mTBI) patients and neurologically

healthy controls to identify the topology that describes the underlying intrinsic brain

network organization. We hypothesized that the reduction in global efficiency caused

by an attack targeting a model’s hubs would reveal the “true” underlying topological

organization. Connectivity networks were estimated using mutual information as

the basis for cross-frequency coupling. Our results revealed a prominent rich-club

network organization for both groups. In particular, mTBI patients demonstrated hyper-

synchronization among rich-club hubs compared to controls in the δ band and the

δ-γ1, θ-γ1, and β-γ2 frequency pairs. Moreover, rich-club hubs in mTBI patients

were overrepresented in right frontal brain areas, from θ to γ1 frequencies, and

underrepresented in left occipital regions in the δ-β, δ-γ1, θ-β, and β-γ2 frequency pairs.

These findings indicate that the rich-club organization of resting-state MEG, considering

its role in information integration and its vulnerability to various disorders like mTBI, may

have a significant predictive value in the development of reliable biomarkers to help the

validation of the recovery frommTBI. Furthermore, the proposed approachmight be used

as a validation tool to assess patient recovery.

Keywords: magnetoencephalography (MEG), mild traumatic brain injury, network resilience, cross-frequency

coupling, intrinsic networks
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FIGURE 3 | Average number of SW and RC nodes for (A) IFCG; (B) CFCG, and (C) ICFCG. Statistical comparisons between SW and RC nodes for each group

(SWC: SW Control, RCC: RC Control, SWM: SW mTBI, and RCM: RC mTBI) and between groups for each network organization (SWC vs. SWM and RCC vs. RCM).

All comparisons (paired test linked by *) reach statistical significance (p-value: * < 0.05; ** < 0.01, and *** < 0.001).

were significantly higher in the control group compared to mTBI
in the RC topology and the δ band.

Regarding CFCGs (Figure 4B), the average values of degree
and strength in RC were higher than in SW, for both groups.
Apart from the first frequency pair (δ, β), significant differences

were observed between the two groups in both network

topologies, in terms of network metrics (strength, degree) and

connectivity for the rest of frequency pairs. In both the CFCG

and ICFCG cases, statistical differences are found in both
groups between the RC and SW topologies in terms of degree

and strength (Figure 4C). However, no statistically significant
differences were detected between the groups in both network

metrics and conditions for the SW topology (Figure 5C).
Overall, the SW organization showed stronger activation

mostly in frontal and central regions for the normal control
group in all frequency bands except for the beta band (Figure 2).
Similarly, the RC organization showed stronger activations in

left temporal areas for all frequency pairs examined {fc=(fl,fh)=
[(δ,β), (δ,γ1), (θ,β), (θ,γ1) and (β,γ2)]}. However, in the mTBI
group activation was stronger in right frontal and temporal areas
(Figure 2). Finally, the control group showed significantly higher
degree and strength than the mTBI group in all frequency bands
and frequency pairs for each FCG type (Figure 4).

The Relation between Rich-Club and
Small-World Organizations
To verify that RC network organization presents complementary
information to the SW form, we superimposed both structures
on the upper parts of Figures 5A–C, for three cost values,
respectively. The SW network organization is shown with black
nodes connected by the outflow edges, while the RC network
organization is shown with red nodes, proving that RC nodes
can be found within an SW network. The nodal strength of each
FCG type is illustrated in the lower part of Figures 5A–C, to
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FIGURE 4 | Representation of the averaged degree and strength of the RC/SW hubs (i) with the rest of nodes networks and (ii) within RC/SW nodes across each

group (acronyms follow the definition in capture of Figure 3). For (A) IFCG, (B) CFCG, and (C) ICFCG. All comparisons (paired test linked by *) reach statistical

significance (p-value: * < 0.05; ** < 0.01, and *** < 0.001).

show the hub nodes in specific frequency bands and pairs of
frequencies. The first observation associated with Figure 5 is that
most RC nodes are part of the SW network, since in each sub-
image some nodes belong simultaneously to both organizations,
demonstrating that a node can be simultaneously an SW and
an RC node. Furthermore, the spatial distribution of the upper
and lower topography in each figure indicates that the RC nodes
appear to have higher nodal strength than the SW nodes (upper
and lower Figures 5A–C) for all cases. Therefore, the RC network
organization reveals a higher information flow within an FCG.

RESULTS OF NETWORK ATTACKS ON
BRAIN MODELS

Attacks on Intra-FCG Brain Models
Attack strategies on the RC and SW organizations are presented
in terms of percentage of GE reduction as shown in Figure 6. For

each iteration, we randomly chose 50% of the links within the SW
or RC nodes (TSW and TRC), or the interconnections between
RC/SW nodes and the rest of the network (HRSW and HRRC).
Statistical analysis were performed between SW and RC network
topologies in all the aforementioned scenarios. In most cases,
the RC organization showed significantly higher %GE reduction.
After each attack, both the SW and RC organizations changed
compared to their initial structure.

First, the average %GE reduction of TRC and HRRC for all

cases [NTRC – mTRC and NHRRC – mHRRC, (here the prefixes

“N” and “m” denote the normal control and mTBI groups,

respectively)] and across all iterations was significantly higher

(p-value < 0.001) compared to the TSW and HRSW, with the

exception of the γ2 band for controls and the α band for mTBI

patients, in the case of IFCGs (Figure 6A). The %GE reduction
did not exceed 4% in any case for the target attack, but in the case
of the hub, the rest of the network attacks demonstrated a much
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FIGURE 5 | Representation of the SW network (colored edged + black-washed SW nodes on top topographies for each sub-image) simultaneously with the RC

topology (red nodes on top topographies for each sub-image) and the corresponding nodal strengths (colored bottom topographies for each sub-image) for each

FCG type (A) IFCG (B) CFCG, and (C) ICFCG in specific frequency bands and frequency pairs. Each color bar is common to the control and mTBI groups.

larger damage in the network integration with levels close to 20%
decrease for 50% of weight reduction, and 45% decrease for 100%
weight reduction (Figure 6A).

Regarding the %GE reduction, the results based on the CFCGs
were similar to those based on IFCGs. In particular, it can be
seen (Figure 6B) that the RC organization showed a statistically
significant higher %GE reduction than the SW organization.
Overall, the %GE reduction was no more than 7% in all cases.
Finally, the %GE reduction in the case of mFCGs (Figure 6C)
also showed significantly higher %GE for the RC organization
than the SW.

Synchronization within the RC Subnetwork
The results of the strength ratio SR are presented in Figure 7

for each type of FCG. All cases demonstrated a higher ratio
for the mTBI group, except in the α band for the IFCG-
RCs (Figure 7A). In addition, statistical analysis performed to
detect possible differences between the control and mTBI groups
found significant differences in the δ band in the IFCG-RC case
(Figure 7A) and the frequency pairs (δ, γ1), (θ, γ1), and (β,
γ2) in the CFCG-RC (Figure 7B) and ICFCG-RC (Figure 4C)
cases. Overall, the RC hub nodes presented higher SR values
than the simple nodes as seen in Figure 7. Additional results,
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FIGURE 6 | Percent reduction in total GE on SW and RC brain models for (A) IFCG, (B) CFCG, and (C) ICFCG after attacking targeted interconnected nodes (T) or

hubs connected to random nodes (HR). Control: NTSW and NHRSW—red; NTRC and NHRRC—green; mTBI: mTSW and mHRSW—cyan; mTRC and

mHRRC—magenta. In case of (C) the color-bars are different, Control: NTSW and NHRSW—blue and NTRC and NHRRC—yellow; mTBI: mTSW and

mHRSW—cyan and mTRC and mHRRC—red. The scale in (A,B) is the same. Network attack: select 50% of connections that intra-connect hubs within either RC or

SW backbone or 50% of connections that inter-connect hubs with the rest of the network. All comparisons reached statistical significance (p-value: *** < 0.001).

especially for the RC hubs, are presented in the Supplementary
Material.

Figure 8 further illustrates the spatial distribution of
connections from RC hubs (Figure 8: red points) to the rest
of the nodes (Figure 8: black nodes) along with the strength
of the nodes for each type of FCG. In particular, the edge-cost
(Figure 8: cost), which is the ratio of the total strength of RC
nodes to the total strength all of nodes of the corresponding
full weighted unthresholded FCGs, is higher for mTBI patients
compared to control subjects. In this case, the number of the

mTBI RC edges is significantly higher from normal control RC
edges.

In addition to the above results, an prominent relation was
revealed for the differences within each brain area between
the two groups. Namely, higher (mTBIs > Controls) and
significant (p-value < 0.05) mean probability values existed
in the left parietal lobe in the δ and β bands, right frontal
for the (θ-γ1) frequency pair in the case of IFCG, and in
left occipital areas for the (θ-β) frequency pair of the CFCG.
Additional significant differences (p-value < 0.05, Controls >
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FIGURE 7 | Strength ratio SR for (A) IFCGs, (B) CFCGs, and (C) ICFCGs. All comparisons (paired test linked by *) reached statistical significance (p-value: * < 0.05;

** < 0.01, and *** < 0.001).

mTBIs) were seen in left temporal (δ band of IFCGs), left
occipital (δ-β, δ-γ1, θ-β and β-γ2 of CFCG), left temporal (δ-
γ1 and θ-γ1 of CFCGs), and right parietal (β-γ2 of CFCGs)
areas.

DISCUSSION

In the present study, we compared the RC and SW organizations
under three different FCG representations, namely IFCG, CFCG,
and ICFCG. Our aim has been to develop reliable biomarkers
for the accurate detection of network abnormalities caused by
mTBI by analyzing functional brain connectivity profiles that
combine the RC organization with prominent MEG intrinsic
coupling modes. We assumed that the highest reduction in %GE
would reveal the organization that best described the topology
of the “true” underlying brain networks. Our results showed
that separation of the mTBI patients from the normal control
group was feasible with ∼91% accuracy based on the ICFCG
representation (Table 1).

The importance of the RC organization was first investigated
in neuroimaging brain studies (Van den Heuvel and Sporns,
2011) using diffusion tensor imaging (DTI) that emphasized
the role of RC organization in information integration and in
conferring robustness to its structural core. Since then, many
human connectomic studies have followed (Van den Heuvel
et al., 2013; Senden et al., 2014; Vértes and Bullmore, 2015;
Crossley et al., 2016) mostly using DTI or fMRI on patients and
normal control subjects. Recently, we investigated a prominent
RC organization obtained from MEG recordings of spontaneous
brain activity of mTBI patients for a specific cross-frequency pair
(Antonakakis et al., 2015). In another recent study, we presented
a promising imagingmethod for detecting network abnormalities
caused by mTBI during task-free spontaneous MEG activity
based on intra- (Dimitriadis et al., 2015b) and cross-frequency
coupling (Antonakakis et al., 2015, 2016). In this study, we
performed a thorough investigation on these issues based on
different interaction metrics, network formation approaches, and
evaluation scenarios, over all frequency bands and band pairs.
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FIGURE 8 | Representation of the RC topology (red nodes on left topography for each sub-image) for each statistically significant case of Figure 7 with the nodal

strength (colored right topography for each sub-image) of the corresponding FCG and edge cost. Each color bar is common to the control and mTBI groups.

We observed a significant direct dominance (Figure 2) of low
frequency bands and band pairs regarding the distribution of
RC nodes (Figure 2) for both groups. More specifically, temporal
areas played a crucial role in the definition of the CFCG-RC
topology in both groups. The RC nodes for the mTBI group
were mainly seen in right temporal areas compared to controls
(Figure 2B).

In a previous analysis of the same dataset, we classified
correctly the two groups with more than 90% accuracy
(Antonakakis et al., 2015, 2016) using only the CFCG frequency

pairs. A recent study using resting state MEG (Dunkley et al.,
2015) showed slow abnormal brain activity in mTBI patients. The
trend was an increase of low frequency amplitude in patients with
mTBI, and this spectral alteration appeared most prominently in
temporal regions. In numerous studies, these findings have been
linked to brain injury (Lewine et al., 2007; Huang et al., 2014).
We found reliable evidence (Figure 2) that the highest SW and
RC distributions were mainly located over temporal areas. The
absence of significant differences in the distribution of the CFCG-
SW (Figure 2B, upper part) was also reported by a recent study
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(Athanasiou et al., in press) using the complementary modalities
of EEG/MEG and multivariate functional connectivity. Over-
representation in right frontal areas has also been found by
previous studies, suggesting that the effects of mTBI are more
prevalent in frontal regions which are more vulnerable to brain
injury (Eierud et al., 2014; Antonakakis et al., 2016). A recent
MEG study with a mixed group of mild, moderate, and severe
TBI patients showed reduced FC in frontal areas bilaterally and
increased FC in left temporo-parieto-occipital regions and in the
right thalamus (Tarapore et al., 2013).

Revealing a consistent over-representation of hubs in right
frontal areas inmTBI subjects across all frequency bands provides
further support that structural alterations cause these frequency
changes over the whole frequency spectrum (Dunkley et al.,
2015). The significant over-representation of hubs in left occipital
brain areas (Figure 2B, lower part) of the mTBI group may
be indicative that, unconsciously, subjects were experiencing
mental images caused by the trauma as spontaneous brain
activity. It would be interesting to explore the activity of mTBI
patients in the fusiform gyrus and compare it to controls
using neuromagnetic source reconstruction (Zhan et al., 2016).
Further analysis on the source level could reveal if there is
increased connectivity between visual system and default mode
network.

Furthermore, we found that, compared to SW, the RC
organization underwent significantly higher GE changes in both
groups, with a much larger reduction in the mTBI group. These
findings indicate that the RC organization can encode important
topological features of the underlying brain networks (Figure 6).
These findings in particular extend our previous results from
comparing the SW and RCmodels only on CFCGs and in the δ-β
frequency pair (Antonakakis et al., 2015). Through the adopted
attack strategy, the RC organization demonstrated higher levels
of %GE reduction and confirmed the damage inflicted on a
node by attack, which was simulated as a decrease in the
weights of the node’s connections (Van den Heuvel and Sporns,
2011). Mišić et al. (2014) also demonstrated that a large part
of information flows in the RC organization, suggesting that
it is better modeled by an RC organization than an SW. The
reduction of GE in mTBI could be linked to the significant
reduction of functional connectivity within the default mode
network revealed by a recent mTBI study working with MEG
resting-state on the source level (Alhourani et al., 2016). In a next
study working at the source level, we will try to reproduce our
results.

Additionally, to uncover the different role and definition of
hubs in a brain network, we explored the mean degree and
mean strength of RC and SW hubs in two conditions, namely
within their subnetworks and with the rest of the network. Our
analysis revealed significantly higher mean values in degree and
strength in the control group compared to the mTBI in RC
topology for both conditions in the δ and θ bands (Figure 4A).
Based on these findings, we conclude that the RC definition
can uncover the subset of nodes from a network that plays a
pivotal role in global information integration. A collapse of such
highly interconnected hub regions can cause communication
aberrations between different parts of the brain (Van den Heuvel

and Sporns, 2011). Thus, these brain hubs should be further
studied both structurally and functionally in various brain
diseases and disorders.

Through the examination of the strength ratio of RC nodes
(Figure 7), we found hyper synchronization in mTBI patients
compared to normal controls within RC subnetworks based
on intra- and inter-frequency intrinsic couplings in the δ, δ-
γ1, θ-γ1, and β-γ2 frequencies and frequency pairs. These
results agree with the basic findings of Hillary et al. (2014)
who showed that brain connectivity increased after TBI—
they examined the mean degree of 52 nodes and showed
significantly greater connectivity in TBI patients compared
to normal controls. Instead, the highest degree nodes (i.e.,
RC nodes in our case) were selectively observed in several
core subnetworks (either TRC or HRRC). Our analysis
further explains hyper-connectivity in mTBI patients under
the RC model and the use of both intra- and inter-frequency
coupling.

In conclusion, this study demonstrated that the RC
organization of graphs reflecting the local distribution of activity
from resting-state brain networks can encode characteristic
aspects of two types of FCG for both mTBI patients and control
subjects. RC hubs in mTBI subjects were overrepresented in right
temporal areas from θ to γ1 frequencies and underrepresented
in left occipital areas in δ-β, δ-γ1, θ-β, and β-γ2 frequency
pairs. Therefore, our analysis does not only support the
use of resting state MEG for the extraction of meaningful
features that describe abnormal brain connectivity after mTBI
(Buzsáki and Watson, 2012; Zouridakis et al., 2012; Huang
et al., 2014; Dimitriadis et al., 2015b; Dunkley et al., 2015;
Antonakakis et al., 2016) it also indicates the need to explore
the RC organization under different types of interactions (intra-
and cross-frequency) for the development of complementary
connectomic biomarkers of recovery from mTBI that can be
useful in clinical research (Buzsáki and Watson, 2012). The
potential functional implications of RC organization of MEG
intrinsic coupling modes, considering its role in network
integration and its vulnerability in various disorders like
mTBI, seem to deserve further investigation for diagnostic and
clinical purposes. Furthermore, our approach is suitable for
accessing the recovery process following mTBI using resting
state MEG (Zouridakis et al., 2016; Li et al., 2017) and focusing
not only on the strength of the couplings but also on the
dominant type of interactions (Bharath et al., 2015; Losoi et al.,
2015).

In order to provide a robust spatial mapping for brain
functions in both control subjects and mTBI patients, it
is necessary to adopt a dynamic functional connectivity
approach (Dimitriadis et al., 2012, 2013a, 2014, 2015a,c,
2016) through the definition of functional connectivity
microstates (Dimitriadis et al., 2013a) and/or network
microstates (Dimitriadis et al., 2015c). Our current studies
focus on exploring a dynamic combination of IFCGs and
CFCGs into ICFCGs (Dimitriadis et al., 2016), their related
microstates, and their symbolic dynamical signature in a
possible combination with compression methods (Luo et al.,
2013).

Frontiers in Human Neuroscience | www.frontiersin.org 14 August 2017 | Volume 11 | Article 416

http://www.frontiersin.org/Human_Neuroscience
http://www.frontiersin.org
http://www.frontiersin.org/Human_Neuroscience/archive


Antonakakis et al. Altered Rich-Club and Frequency-Dependent Subnetwork in mTBI

AUTHOR CONTRIBUTIONS

MA is currently a Ph.D. student in the Institute of Biomagnetism
and Biosignal analysis. MA has performed the whole data
analysis and written the first draft of manuscript. SD significantly
contributed his ideas for the structure of the pipeline and co-
supervised together with MZ the analysis of the data. AP offered
the data-set and his old group was responsible for the collection
of it. GZ developed with his experience the main body of the
manuscript and made the final check of the whole manuscript.

ACKNOWLEDGMENTS

The current study is part of a larger project, the Integrated
Clinical Protocol, conducted by the Investigators and staff of
The Mission Connect Mild Traumatic Brain Injury Translational

Research Consortium and supported by the Department of
Defense Congressionally Directed Medical Research Program
W81XWH-08-2-0135. SD was supported by MRC grant
MR/K004360/1 (Behavioral and Neurophysiological Effects
of Schizophrenia Risk Genes: A Multi-locus, Pathway Based
Approach) and Marie Curie COFUND EU-UK Research
Fellowship. This study was supported by the National
Centre for Mental Health (NCMH) at Cardiff University.
We would like to acknowledge Cardiff RCUK funding
scheme.

SUPPLEMENTARY MATERIAL

The Supplementary Material for this article can be found
online at: http://journal.frontiersin.org/article/10.3389/fnhum.
2017.00416/full#supplementary-material

REFERENCES

Alhourani, A., Wozny, T. A., Krishnaswamy, D., Pathak, S., Walls, S. A., Ghuman,

A. S., et al. (2016). Magnetoencephalography-based identification of functional

connectivity network disruption following mild traumatic brain injury. J.

Neurophysiol. 116, 1840–1847. doi: 10.1152/jn.00513.2016

Antonakakis, M., Dimitriadis, S. I., Zervakis, M., Micheloyannis, S., Rezaie, R.,

Babajani-Feremi, A., et al. (2016). Altered cross-frequency coupling in resting-

state MEG after mild traumatic brain injury. Int. J. Psychophysiol. 102, 1–11.

doi: 10.1016/j.ijpsycho.2016.02.002

Antonakakis, M., Dimitriadis, S. I., Zervakis, M., Rezaie, R., Babajani-Feremi, A.,

Micheloyannis, S., et al. (2015). Comparison of brain network models using

cross-frequency coupling and attack strategies. Conf. Proc. IEEE Eng. Med. Biol.

Soc. 2015, 7426–7429. doi: 10.1109/EMBC.2015.7320108

Athanasiou, A., Klados, M. A., Styliadis, C., Foroglou, N., Polyzoidis,

K., and Bamidis, P. D. (in press). Investigating the role of alpha

and beta rhythms in functional motor networks. Neuroscience.

doi: 10.1016/j.neuroscience.2016.05.044

Benjamini, Y., and Hochberg, Y. (1995). Controlling the false discovery rate:

a practical and powerful approach to multiple testing. J. R. Statist. Soc. 57,

289–300.

Betzel, R. F., Avena-Koenigsberger, A., Goñi, J., He, Y., de Reus, M. A., Griffa, A.,

et al. (2016). Generative models of the human connectome. Neuroimage 124,

1054–1064. doi: 10.1016/j.neuroimage.2015.09.041

Bharath, R. D., Chaitanya, G., Panda, R., Raghavendra, K., Sinha, S., Sahoo, A.,

et al. (2016). Reduced small world brain connectivity in probands with a family

history of epilepsy. Eur. J. Neurol. 23, 1729–1737. doi: 10.1111/ene.13104

Bharath, R. D., Munivenkatappa, A., Gohel, S., Panda, R., Saini, J., Rajeswaran,

J., et al. (2015). Recovery of resting brain connectivity ensuing mild traumatic

brain injury. Front. Hum. Neurosci. 9:513. doi: 10.3389/fnhum.2015.00513

Bullmore, E., and Sporns, O. (2012). The economy of brain network organization.

Nat. Rev. Neurosci. 13, 336–349. doi: 10.1038/nrn3214

Bullmore, E. T., and Bassett, D. S. (2011). Brain graphs: graphical models

of the human brain connectome. Annu. Rev. Clin. Psychol. 7, 113–140.

doi: 10.1146/annurev-clinpsy-040510-143934

Buzsáki, G., and Watson, B. O. (2012). Brain rhythms and neural syntax:

implications for efficient coding of cognitive content and neuropsychiatric

disease. Dialogues Clin. Neurosci. 14, 345–367.

Castellanos, N. P., Paúl, N., Ordóñez, V. E., Demuynck, O., Bajo, R., Campo,

P., et al. (2010). Reorganization of functional connectivity as a correlate

of cognitive recovery in acquired brain injury. Brain 133, 2365–2381.

doi: 10.1093/brain/awq174

Crossley, N. A., Mechelli, A., Ginestet, C., Rubinov, M., Bullmore, E. T., and

McGuire, P. (2016). Altered Hub functioning and compensatory activations

in the connectome: a meta-analysis of functional neuroimaging studies in

schizophrenia. Schizophr. Bull. 42, 434–442. doi: 10.1093/schbul/sbv146

Da Costa, L., Robertson, A., Bethune, A., MacDonald, M. J., Shek, P. N.,

Taylor, M. J., et al. (2015). Delayed and disorganized brain activation detected

with magnetoencephalography after mild traumatic brain injury. J. Neurol.

Neurosurg. Psychiatr. 86, 1008–1015. doi: 10.1136/jnnp-2014-308571

De Monte, V. E., Geffen, G. M., and Massavelli, B. M. (2006). The effects of post-

traumatic amnesia on information processing following mild traumatic brain

injury. Brain Inj. 20, 1345–1354. doi: 10.1080/02699050601082073

Dimitriadis, S. I., Laskaris, N. A., and Micheloyannis, S. (2015a). Transition

dynamics of EEG-based network microstates during mental arithmetic and

resting wakefulness reflects task-related modulations and developmental

changes. Cogn. Neurodyn. 9, 371–387. doi: 10.1007/s11571-015-9330-8

Dimitriadis, S. I., Laskaris, N. A., Simos, P. G., Micheloyannis, S., Fletcher, J.

M., Rezaie, R., et al. (2013b). Altered temporal correlations in resting-state

connectivity fluctuations in children with reading difficulties detected viaMEG.

Neuroimage 83, 307–317. doi: 10.1016/j.neuroimage.2013.06.036

Dimitriadis, S. I., Laskaris, N. A., Tsirka, V., Vourkas, M., and Micheloyannis,

S. (2012). An EEG study of brain connectivity dynamics at the resting state.

Nonlin. Dyn. Psychol. Life Sci. 16, 5–22. Available online at: https://pdfs.

semanticscholar.org/7440/84337d6f16ba87dd1d26ac98c95a7d5c5994.pdf

Dimitriadis, S. I., Laskaris, N. A., and Tzelepi, A. (2013a). On the quantization

of time-varying phase synchrony patterns into distinct functional connectivity

microstates (FCµstates) in a multi-trial visual ERP paradigm. Brain Topogr. 26,

397–409. doi: 10.1007/s10548-013-0276-z

Dimitriadis, S. I., Sun, Y., Kwok, K., Laskaris, N. A., Thakor, N., and Bezerianos,

A. (2015c). Cognitive workload assessment based on the tensorial treatment

of EEG estimates of cross-frequency phase interactions. Ann. Biomed. Eng. 43,

977–989. doi: 10.1007/s10439-014-1143-0

Dimitriadis, S. I., Sun, Y., Laskaris, N. A., Thakor, N., and Bezerianos, A. (2014).

“Effective connectivity patterns associated with p300 unmask differences in

the level of attention/cognition between normal and disabled subjects,” in

XIII Mediterranean Conference on Medical and Biological Engineering and

Computing 2013 (Cham: Springer), 1710–1713.

Dimitriadis, S. I., Zouridakis, G., Rezaie, R., Babajani-Feremi, A., and

Papanicolaou, A. C. (2015b). Functional connectivity changes detected with

magnetoencephalography after mild traumatic brain injury. NeuroImage Clin.

9, 519–531. doi: 10.1016/j.nicl.2015.09.011

Dimitriadis, S., Sun, Y., Laskaris, N., Thakor, N., and Bezerianos, A. (2016).

Revealing cross-frequency causal interactions during a mental arithmetic

task through symbolic transfer entropy: a novel vector-quantization

approach. IEEE Trans. Neural. Syst. Rehabil. Eng. 24, 1017–1028.

doi: 10.1109/TNSRE.2016.2516107

Dunkley, B. T., Da Costa, L., Bethune, A., Jetly, R., Pang, E. W., Taylor, M. J., et al.

(2015). Low-frequency connectivity is associated with mild traumatic brain

injury. NeuroImage Clin. 7, 611–621. doi: 10.1016/j.nicl.2015.02.020

Eierud, C., Craddock, R. C., Fletcher, S., Aulakh, M., King-Casas, B., Kuehl,

D., et al. (2014). Neuroimaging after mild traumatic brain injury: review

Frontiers in Human Neuroscience | www.frontiersin.org 15 August 2017 | Volume 11 | Article 416

http://journal.frontiersin.org/article/10.3389/fnhum.2017.00416/full#supplementary-material
https://doi.org/10.1152/jn.00513.2016
https://doi.org/10.1016/j.ijpsycho.2016.02.002
https://doi.org/10.1109/EMBC.2015.7320108
https://doi.org/10.1016/j.neuroscience.2016.05.044
https://doi.org/10.1016/j.neuroimage.2015.09.041
https://doi.org/10.1111/ene.13104
https://doi.org/10.3389/fnhum.2015.00513
https://doi.org/10.1038/nrn3214
https://doi.org/10.1146/annurev-clinpsy-040510-143934
https://doi.org/10.1093/brain/awq174
https://doi.org/10.1093/schbul/sbv146
https://doi.org/10.1136/jnnp-2014-308571
https://doi.org/10.1080/02699050601082073
https://doi.org/10.1007/s11571-015-9330-8
https://doi.org/10.1016/j.neuroimage.2013.06.036
https://pdfs.semanticscholar.org/7440/84337d6f16ba87dd1d26ac98c95a7d5c5994.pdf
https://pdfs.semanticscholar.org/7440/84337d6f16ba87dd1d26ac98c95a7d5c5994.pdf
https://doi.org/10.1007/s10548-013-0276-z
https://doi.org/10.1007/s10439-014-1143-0
https://doi.org/10.1016/j.nicl.2015.09.011
https://doi.org/10.1109/TNSRE.2016.2516107
https://doi.org/10.1016/j.nicl.2015.02.020
http://www.frontiersin.org/Human_Neuroscience
http://www.frontiersin.org
http://www.frontiersin.org/Human_Neuroscience/archive


Antonakakis et al. Altered Rich-Club and Frequency-Dependent Subnetwork in mTBI

and meta-analysis. NeuroImage Clin. 4, 283–294. doi: 10.1016/j.nicl.2013.

12.009

Florin, E., and Baillet, S. (2015). The brain’s resting-state activity is shaped by

synchronized cross-frequency coupling of neural oscillations. Neuroimage 111,

26–35. doi: 10.1016/j.neuroimage.2015.01.054

Hansen, E. C. A., Battaglia, D., Spiegler, A., Deco, G., and Jirsa, V. K. (2015).

Functional connectivity dynamics: modeling the switching behavior of the

resting state. Neuroimage 105, 525–535. doi: 10.1016/j.neuroimage.2014.11.001

Hillary, F. G., Rajtmajer, S. M., Roman, C. A., Medaglia, J. D., Slocomb-

Dluzen, J. E., Calhoun, V. D., et al. (2014). The rich get richer: brain

injury elicits hyperconnectivity in core subnetworks. PLoS ONE 9:e104021.

doi: 10.1371/journal.pone.0104021

Huang, M. X., Nichols, S., Baker, D. G., Robb, A., Angeles, A., Yurgil, K.

A., et al. (2014). Single-subject-based whole-brain MEG slow-wave imaging

approach for detecting abnormality in patients with mild traumatic brain

injury. NeuroImage Clin. 5, 109–119. doi: 10.1016/j.nicl.2014.06.004

Latora, V., and Marchiori, M. (2001). Efficient behavior of small-world networks.

Phys. Rev. Lett. 87:198701. doi: 10.1103/PhysRevLett.87.198701

Len, T. K., and Neary, J. P. (2011). Cerebrovascular pathophysiology following

mild traumatic brain injury. Clin. Physiol. Func. Imaging 31, 85–93.

doi: 10.1111/j.1475-097X.2010.00990.x

Levin, H. S. (2009).Mission Connect Mild TBI Translational Research Consortium.

Houston, TX: Baylor College of Medicine. doi: 10.21236/ADA550012

Lewine, J. D., Davis, J. T., Bigler, E. D., Thoma, R., Hill, D., Funke, M., et al.

(2007). Objective documentation of traumatic brain injury subsequent to mild

head trauma: multimodal brain imaging with MEG, SPECT, and MRI. J. Head

Trauma Rehabil. 22, 141–155. doi: 10.1097/01.HTR.0000271115.29954.27

Li, L., Mvula, E., Arakaki, X., Tran, T., Harrington, M., and Zouridakis, G. (2017).

“Source connectivity analysis can assess recovery of acute mild traumatic brain

injury patients,” in 12th World Congress on Brain Injury, March 29 - April 1,

2017 (New Orleans, LA).

Li, L., Pagnotta, M. F., Arakaki, X., Tran, T., Strickland, D., Harrington, M., et al.

(2015). Brain activation profiles inmTBI: evidence from combined resting-state

EEG and MEG activity. Conf. Proc. IEEE Eng. Med. Biol. Soc. 2015, 6963–6936.

doi: 10.1109/EMBC.2015.7319994

Losoi, H., Silverberg, N. D., Wäljas, M., Turunen, S., Rosti-Otajärvi, E., Helminen,

M., et al. (2015). Recovery from mild traumatic brain injury in previously

healthy adults. J. Neurotrauma 33, 766–776. doi: 10.1089/neu.2015.4070

Luo, Q., Xu, D., Roskos, T., Stout, J., Kull, L., Cheng, X., et al. (2013). Complexity

analysis of resting state magnetoencephalography activity in traumatic

brain injury patients. J. Neurotrauma 30, 1702–1709. doi: 10.1089/neu.

2012.2679

Micheloyannis, S., Pachou, E., Stam, C. J., Breakspear, M., Bitsios, P., Vourkas, M.,

et al. (2006). Small-world networks and disturbed functional connectivity in

schizophrenia. Schizophr. Res. 87, 60–66. doi: 10.1016/j.schres.2006.06.028
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