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Introduction

This article discusses the use of text-generating Al applications for providing feedback
on students’ texts and to help them revise their writing. While feedback through
applications based on generative AI (for example, ChatGPT or specific tools such as
Writing Coach, Writeable, and others) is often evaluated in terms of quality, even in
comparison to feedback from human teachers (Mah et al., 2025; Sef3ler et al., 2025; Steiss
et al., 2024), it is often overlooked that the most important thing is for learners to use
and process the feedback to revise their texts (e.g., Lipnevich and Smith, 2022). However,
when considering learning situations in elementary and secondary schools, it appears that
if text revision takes place at all, it is rarely in a form where previously provided feedback
guides the revision (Jansen et al., 2025; Rong et al., 2025). AI appears to have little or
no impact on this initial situation, which is what this article aims to discuss. To this
end, it is divided into three parts: the first step is to present the potential of genAlI for
providing feedback on learner texts and to highlight the problem that many learners in
elementary and secondary schools do not meaningfully engage with AI-generated feedback
for revision. In a second step, we will discuss how this may be due not only to the way
AT works, but also to the unfavorable integration of feedback into teaching and learning
processes. To provide an alternative, the third step will outline a teaching model that aims
to achieve effective integration.

Al feedback for text revision: potentials and
limitations

Feedback is widely recognized as one of the most powerful tools for supporting learner
development in writing (Hattie and Timperley, 2007; MacArthur, 2016; Wisniewski et al.,
2020). This holds true for learning to write in the context of L1 acquisition as well as
in the context of L2-writing (Hyland, 2016; Hyland and Hyland, 2019). However, for
feedback to be effective, it should consist of an internal structure of feed up (Where
am I going?), feed back (How am I going?), and feed forward (Where to next?), and be
relevant to the learners and given in a timely manner (Brandmo and Gamlem, 2025; Gibbs
and Simpson, 2005). Yet, providing feedback that is both timely and targeted remains a
significant challenge, especially when teachers are faced with lengthy student texts and
larger heterogeneous learning groups (Applebee and Langer, 2011). The public availability
of AI could transform this area and take some of the burden of providing feedback off
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the shoulders of teachers (e.g., Kolade et al., 2024; Nikolopoulou,
2025). Chatbots such as ChatGPT, LeChat, and Gemini, as well
as specialized tools like Flint, Writeable, or the Khan Academy’s
Writing Coach, now deliver instant feedback that numerous studies
have shown to resemble human feedback in terms of how it is rated
and assessed by researchers (Almegren et al., 2025; Steiss et al.,
2024; Usher, 2025). GenAl thus seems to offer teachers a means of
transforming feedback from a time-consuming burden into a more
manageable and scalable practice.

Al-based feedback on
limitations from a writing education perspective. Firstly, the

However, texts has conceptual
systems are hardly capable of providing feedback on the writing
process: although some AI applications (e.g., Khan Academy’s
Writing Coach) are able to provide feedback on ideas and drafts,
this feedback can only be provided after these texts or text
fragments have been entered into the input mask (and submitted)
and not during the writing process itself. In other words, the
systems are unable to provide feedback on a paragraph, sentence,
or word that has just been started while writing. This is particularly
problematic given that formative feedback during the writing
process has been shown to be crucial for learner development
(Graham et al., 2011, 2015). Mekheimer (2025) also notes that
providing extensive feedback “all at once” at the end of the writing
process is suboptimal based on cognitive load theory. Secondly,
despite offering high levels of personalisation, Al-based feedback
applications may lack depth, logical coherence, and relevance
with regard to the learner’s text (Elmotri et al., 2025; Venter et al.,
2025). It is not uncommon for such applications to focus on the
structure of the text, particularly the introduction (e.g., Writing
Coach), even when the actual underlying issue in the learner’s
text is a lack of reader orientation throughout. Individualization
therefore often means measuring all learners in a personalized way
while always using “the same yardstick.” Thirdly, it is important
to remember that Al-based feedback systems (and Al systems in
general) only consider the text entered and offer direct solutions
on how to improve this specific text. They do not provide any
feedback on how writing in general could be improved. This
contradicts the goals of learning to write, which also include, for
example, identifying problem areas in one’s own text and finding
alternatives (by oneself) before implementing them (Bereiter
and Scardamalia, 1987; Hayes and Flower, 1986). However, if Al
applications take over the task of identifying problem areas and
searching for alternatives, revising becomes a mindless process
of working through AI suggestions, especially for inexperienced
writers, which can have a long-term impact on their revision skills
and motivation (Jantzen, 2003).

While these constraints are important, we would like to turn
our attention to what is probably an even more pressing issue:
the uptake of Al-generated feedback by learners when revising
their writing. Modern feedback research has long pointed out
that, in addition to the source of the feedback and the feedback
message, the cognitive, behavioral, and affective processing of
feedback are also relevant factors—as illustrated, for example, in the
Student-Feedback Interaction Model (Lipnevich and Smith, 2022).
According to the authors of this model “feedback that is most
conducive to improvement is feedback that is somehow processed”
(Lipnevich and Smith, 2022: p. 2).
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Regarding Al-based feedback applications, there is evidence
that this processing by students does not take place in a sufficient
manner. Both quantitative (Jansen et al., 2025; Yu and Xie, 2025)
and qualitative (Rong et al., 2025) analyses of Al feedback usage in
text revision revealed that the majority of primary and secondary
school students do not make use of it in their revisions. In the
context of L1-writing, Jansen et al. (2025) conducted a quantitative
study to examine the extent to which elementary and middle school
students make changes to their texts after receiving feedback from
the German FelloFish platform before submitting them as “revised
versions.” The results showed that 6,889 of the total 14,236 learners
surveyed (48%) made no changes at all in response to the Al
feedback, while another proportion of learners made only minor
changes (Jansen et al., 2025: p. 833). In a detailed examination
of the revision process using AI (the Chinese platform Unipus
AIGC) among three students in an EFL class, Rong et al. (2025)
observed that the highest-performing student in particular was able
to efficiently incorporate the Al feedback into their own text, while
the weakest learner hardly took the genAl feedback into account.
Yu and Xie (2025) compare the uptake of feedback during revision
between Al feedback and teacher feedback in high school and show
that Al feedback in particular leads to high uptake (86%) in the area
of surface-level feedback (e.g., grammar), but only to low uptake
(32%) at the meaning level. This suggests that the mere existence
of Al feedback does not automatically result in its usage. Notably,
similar patterns were already observed in earlier AWE systems such
as Criterion (Schroeder et al., 2008), indicating that this problem
is not unique to AI but rather endemic to automated feedback
in general.

Mekheimer (2025) looks at how Al-based feedback applications
that target surface features of texts, such as grammar and sentence
structure, are used by EFL writers at university. He examines the
influence of Al feedback on quality, as well as its frequency of usage.
The results show that advanced writers at the university frequently
use feedback when revising their work. However, this requires
“critical engagement” (Mekheimer, 2025) on the part of the writers,
who must weigh up which aspects of the feedback are actually useful
for revising their work. This suggests that these complex mental
processes are often beyond primary and secondary school writers,
preventing them from using the feedback in the first place.

Implication: rethinking how feedback
is integrated into instruction

Clearly, the mere availability of rapid, personalized feedback
through genAl is not a panacea. The assumed benefit of reducing
the burden on teachers of providing feedback (e.g., Steiss et al.,
2024; Wrede et al,, 2023) is immediately negated if learners do
not engage with the feedback. When attempting to identify why
learners do not take up Al-generated feedback during revision,
it would be reasonable to consider potential differences between
human and AI feedback. Mah et al. (2025), for example, observe
that AT and human teachers may focus on different aspects of a text,
providing feedback at disparate levels of text (e.g., primarily at the
sentence level in the case of AI). We, however, suspect that neither
the (differences in the) quality nor the (technical) functionality
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of Al-generated feedback alone is responsible for its lack of use
by learners, but rather an unfavorable embedding of AI-generated
feedback in teaching and the learning processes. The reason for
this assumption is that the lack of use of human feedback for text
revision, if not properly embedded in teaching, has been recognized
for a long time, even before the advent of AI (MacDonald, 1991;
Sinclair and Cleland, 2007).

We suspect that teachers often present (genAl) feedback as
isolated input rather than as a starting point for communication
between learners or between learners and teachers. Feedback can
be defined as a “dynamic interaction between teacher and student
aimed at facilitating learning” (Brandmo and Gamlem, 2025: p.
2). Therefore, the prerequisite for the effectiveness of any type of
feedback is that it is embedded in a context that actually allows
for dynamic interaction. It would be a mistake to assume that the
interactivity of AI feedback by itself (since AI already responds
interactively) is sufficient for learning. The task of teachers is
(probably now more than ever) to create spaces for dynamic
interactions about feedback. Although feedback as such might
already be generated by generative AL teachers should now focus
on creating opportunities for discussion about it, i.e., integrating it
into social interaction.

A multi-stage framework for the
implementation of feedback

We suggest approaching Al feedback not as an endpoint but as
a catalyst for communication in the classroom. Multi-stage settings
can encourage learners to interact with feedback at different levels
(Figure 1).

After producing a first draft (phase 1), which generative Al
can assist with if necessary, for example by generating ideas,
learners receive feedback from the AI in phase 2. In the first
crucial revision phase (phase 3), students should revise their texts
individually, using AI feedback as a low-stakes starting point. Gero
et al. (2023) demonstrate that one of the potentials of Al-based
feedback systems is that learners can seek feedback on things
that are (still) too personal, so that Al can act as an anonymous
support actor (Gero et al., 2023). This seemingly private interaction
and work phase helps them address obvious issues in their texts
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while lowering the threshold for sharing their work later on. Next
(phase 4), peer collaboration—whether in pairs or small groups—
can create opportunities to discuss both the feedback and its
application. This allows the aspect to be fulfilled that feedback
is, by definition, a dialogical process and a co-construction in
which those receiving feedback never should be reduced to the
role of recipients (Brandmo and Gamlem, 2025; Busse et al., 2022).
Finally, bringing these discussions back to the whole class (phase
5) enables collective reflection on the quality, appropriateness, and
limitations of AI-generated comments. In such a model, the teacher
takes on a new role: not as the ultimate judge of text quality,
but as a facilitator who helps learners interpret feedback, identify
mismatches, and refine their revisions accordingly. This leads to a
shift in the teaching dynamic: the teacher is no longer responsible
for providing feedback themselves, but they still maintain authority
in that they can disagree with or question the AI feedback. After
these stages, students should again revise their texts to integrate
insights gained from the process.

It should be noted that not every writing assignment lends
itself to such a multi-stage approach; especially when the texts to
be written have clearly defined (and traditional) structures (e.g.,
argumentative essays), the pattern-oriented approach of AI can
provide valuable support in the feedback process. Secondly, the age
of the learners must be taken into account. Understanding AI-based
feedback alone (phase 2) places considerable demands on reading
skills. In the context of primary school, teacher mediation would
certainly be necessary.

Conclusion and implications

The position we have outlined in this article has clear
implications for Al-oriented research. We propose that, when it
comes to research in writing, equal consideration must be given
both to the quality of Al feedback and to how AI feedback is
embedded in writing instruction. Rather than merely assessing
differences in the quality and quantity of human and AI feedback,
or the quality of AI feedback across models, tasks or prompts,
empirical studies should also be designed to identify characteristics
of learning settings in which feedback on a written text leads to
productive revision. Studies should also be designed to identify
characteristics of learning settings in which feedback on a written
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text, whether Al-based or not, leads to productive revision (uptake).
Examining and identifying the prerequisites for feedback uptake
and the goals that teachers and learners associate with it, as well
as the extent to which these influence uptake, are key to providing
teachers with specific guidance on designing effective learning
scenarios. So too will investigating the extent to which a tailor-made
educational setting can increase uptake. These questions remain
relevant even without Al-based feedback. However, they become
even more pertinent when Al facilitates feedback, potentially
reintroducing it into everyday teaching. Against this backdrop, we
should also take advantage of the current focus on Al feedback
to address important research questions independent of it (Jensen
et al, 2024), particularly those concerning the conditions for
effective writing feedback.
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