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Technological development is reshaping teaching and learning environments,

particularly through the integration of artificial intelligence (AI) tools such as

ChatGPT in higher education. The objective of this study was to analyze

university students’ intention to use ChatGPT, considering the gender variable.

A quantitative methodology was employed, using an ad hoc questionnaire

administered to a sample of 368 students from the Faculty of Education

Sciences at the University of Málaga. Data analysis was conducted using the

Jamovi software v2.3.26.0, applying techniques such as descriptive statistics,

hypothesis testing, exploratory and confirmatory factor analysis, and ANOVA.

The results showed widespread acceptance of ChatGPT, with no significant

gender differences, suggesting a homogeneous adoption of this technology.

These findings contrast with previous research indicating a gender gap in

technology use. The importance of integrating AI into educational processes

in a critical and pedagogically sound manner is emphasized, as well as the need

to ensure equitable access. This study contributes to the understanding of how

ChatGPT is perceived and used in academic contexts at the university level. It

is recommended that the study be replicated in other contexts to validate the

findings and broaden their applicability.

KEYWORDS

artificial intelligence, educational technology, ethics, gender, higher education

1 Introduction

The digital revolution has permeated every aspect of contemporary society,
transforming the way we communicate, work, and learn. In the educational sphere,
emerging technologies have significantly changed how students interact with information
and generate knowledge. Among these innovations, natural language processing (NLP)
systems have taken on a prominent role. In particular, the development and popularization
of language models such as GPT-3.5 have opened new possibilities in the academic field
(Chiu, 2023; Javaid et al., 2023). This article contributes knowledge about the use of
ChatGPT by university students in their academic work, analyzing the intention behind its
use and its implications for the learning process and knowledge production. Specifically, we
focus on students’ intention to use ChatGPT for university assignments and coursework-
related academic tasks.
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The adoption of ChatGPT in higher education contexts is not a
passing trend, but rather a reflection of how teaching and learning
are adapting to the demands of the digital age (Pradana et al., 2023).
The ability of natural language systems to generate coherent and
contextually relevant text has sparked interest in their application
across various educational and training contexts (Caldarini et al.,
2022; Rospigliosi, 2023). Moreover, the flexibility of these tools
to adapt to different disciplines and fields of knowledge has
encouraged their use in a wide range of areas (Kang et al., 2020).

The study of the intention behind the use of ChatGPT in
the university context is essential to understand the motives and
goals that drive students to incorporate this technology into their
academic production processes. Chassignol et al. (2018) argue
that students find NLP systems a valuable tool to improve the
clarity, coherence, and fluency of their writing. They also have the
opportunity to receive suggestions and immediate guidance during
the drafting process. The impact of using ChatGPT on the academic
work of university students goes beyond simply improving the
quality of their writing. By integrating these tools into their
workflow, students become immersed in a learning environment
that fosters critical reflection and the development of advanced
writing skills (Zhu et al., 2023). Moreover, interaction with NLP
systems can enhance creativity and originality in the formulation
of ideas and arguments, giving students the opportunity to explore
new forms of expression (Bozkurt et al., 2023).

Despite its potential benefits, the use of ChatGPT in academic
contexts raises a series of challenges and ethical considerations
that should not be overlooked (Cooper, 2023). Excessive reliance
on these tools could compromise the development of students’
independent writing skills and their capacity for critical thinking
(Strzelecki, 2023). The introduction of ChatGPT into education
not only transforms the production of academic work but also
raises important questions about ethics in academic writing.
Some students, encouraged by the convenience this tool offers,
may develop a dependency on it, potentially compromising the
authenticity and originality of their contributions (Susnjak, 2022).
This concern is amplified by the possibility that the improper use
of ChatGPT could lead to unethical practices such as plagiarism
or misattribution of authorship, thereby challenging the very
foundations of academic integrity (Cotton et al., 2023).

To address and mitigate these risks, it is essential to understand
students’ perspectives on the use of such tools. This understanding
can help establish preventive measures and promote a culture
of academic integrity that encourages responsible use of these
technologies (Chaudhry et al., 2023). However, various studies have
shown that individuals’ perspectives on technology use may differ
depending on personal variables (Joo et al., 2018; Lin and Yu, 2023;
Razmak and Bélanger, 2018).

Our research examines the intention to use ChatGPT among
university students based on the personal variable of gender. In a
similar line of inquiry, Romero-Rodríguez et al. (2023) found no
evidence of correlation. Nevertheless, several studies highlight the
importance of analyzing how gender identities influence the way
students interact with and use technological tools in their learning

Abbreviations: AI, Artificial Intelligence; GenAI, Generative Artificial
Intelligence; NLP, Natural Language Processing; EFA, Exploratory Factor
Analysis; CFA, Confirmatory Factor Analysis.

processes and knowledge production (Aesaert and Van Braak,
2015; Siddiq and Scherer, 2019; Vela-Acero and Jiménez-Cortés,
2022). Recent research has increasingly examined the implications
of ChatGPT for university assignments, particularly regarding
academic writing, assessment integrity, and learning outcomes.
Meishar-Tal (2024) highlights the pedagogical tensions introduced
by generative AI in writing tasks, emphasizing both its potential
to support learning and the challenges it poses for assessment
design and authorship. Shahsavar et al. (2024) analyze the use
of ChatGPT as a writing assistant in medical education, showing
that while AI tools can enhance writing efficiency and confidence,
their benefits are unevenly distributed depending on students’ prior
skills and access to guidance. Together, these studies reinforce the
need to examine not only students’ acceptance of ChatGPT, but
also their intentions for using it in university assignments, as well
as the pedagogical and ethical implications of its integration into
academic work.

Considering the gender variable in the use of ChatGPT is
essential to address the diversity of perspectives and experiences
that university students bring to their educational process. Gender
differences can influence how students engage with technology—
from the frequency of use to the nature of the queries they make
(Jangjarat et al., 2023; Tsai and Tsai, 2010). An approach that takes
these differences into account not only enriches the understanding
of how students make use of technological tools but also provides a
framework for designing more effective educational interventions
tailored to individual needs (Tømte and Hatlevik, 2011).

The possibilities and risks that ChatGPT brings to higher
education represent both a major challenge and an opportunity
to encourage a more thoughtful and ethical use of technology in
the learning process. By fostering in students an understanding
of the ethical implications and best practices for using ChatGPT,
academic integrity is promoted while also cultivating the
development of critical and creative skills essential for long-term
learning (Crawford et al., 2023).

The implementation of technologies such as ChatGPT in
educational contexts opens a crucial dialogue on ethics and
responsibility in academic production. By understanding students’
true intentions in using these tools, it becomes more feasible to
address dishonest use and promote a culture of integrity. In this
way, we can make the most of these tools’ potential to enrich the
educational process and prepare students for a digital and ethical
future (Perkins, 2023). From a broader theoretical perspective,
university students’ intention to use ChatGPT can be framed
within well-established technology adoption models, such as the
Technology Acceptance Model (TAM) and the Unified Theory of
Acceptance and Use of Technology (UTAUT). These frameworks
emphasize factors such as perceived usefulness, perceived ease of
use, and behavioral intention as key determinants of technology
adoption. In this sense, the high levels of acceptance observed
in this study are consistent with these models and provide a
complementary theoretical lens for interpreting students’ use of
generative AI tools in higher education. Recent research has also
highlighted the pedagogical potential of artificial intelligence in
higher education contexts, particularly when combined with active
methodologies such as project-based learning, emphasizing its role
in personalization, feedback, and teaching–learning processes (Ruiz
Viruel et al., 2025).
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Based on the theoretical background presented above, the
present study addresses the following research question:

RQ: Are there statistically significant differences in university
students’ intention to use ChatGPT for academic work and
university assignments according to gender.

2 Materials and methods

The study was conducted with a sample of 368 students from
the Faculty of Education Sciences at the University of Málaga.
The participants were selected from first-year Primary Education
programs (both the regular and double-degree tracks) and second-
year Pedagogy programs. This selection made it possible to
encompass a representative spectrum of future educators and
professionals in the educational field.

The choice of the sample was based on several key criteria.
First, students in Primary Education and Pedagogy represent a
significant group within the educational context, as they are future
teachers and educators. Their familiarity with technological tools
and their openness to new teaching methodologies make them an
ideal group for exploring the adoption and application of emerging
technologies such as ChatGPT. Furthermore, by selecting students
from both first and second years, the study provides a broader
perspective on attitudes and behaviors toward digital technologies
during the early stages of university education.

This sample is representative of a young, digitally native
population in the process of professional training, whose
perceptions and experiences can provide valuable insights into
the intention to use and implications of ChatGPT in academic
contexts. Moreover, by focusing on a single educational institution,
external variables such as curricular differences or variations in
technological infrastructure between institutions were controlled
by ensuring that all participants were enrolled in comparable degree
programs within the same faculty, followed the same institutional
curriculum, and had access to identical technological resources,
digital platforms, and institutional policies regarding the use of
educational technologies and artificial intelligence tools.

For data collection, an ad hoc questionnaire was designed and
distributed to participants via Google Forms. The questionnaire
included a series of questions aimed at assessing the intention to use
ChatGPT in academic production. It contained items related both
to the participants’ demographic profile and to three main areas
of information: quality of the information obtained, satisfaction
and intention to use, and reasons for engaging in plagiarism. The
questions within these sections used a seven-point Likert scale
ranging from “strongly disagree” (1) to “strongly agree” (7):

• Strongly disagree (1): “I completely reject the idea that using
ChatGPT is beneficial or appropriate for my university studies.”

• Disagree (2): “I generally do not agree that ChatGPT contributes
positively to my academic work.”

• Slightly disagree (3): “I tend to think that the use of ChatGPT
does not clearly improve my academic tasks.”

• Neutral (4): “I do not have a clear opinion about the usefulness
of ChatGPT in my university assignments.”

• Slightly agree (5): “I believe that ChatGPT can be useful for
some aspects of my academic work.”

• Agree (6): “I largely agree that ChatGPT contributes positively
to my academic work.”

• Strongly agree (7): “I am fully convinced that ChatGPT is a
valuable tool for my university studies.”

The questionnaire was specifically developed for this study. Due
to ethical and data protection considerations, the full instrument is
available from the corresponding author upon reasonable request.

The ad hoc questionnaire designed for this study was chosen
for its flexibility to adapt to the specific needs of the research. By
focusing on questions related to the quality of the information
obtained, satisfaction and intention to use, and reasons for
engaging in plagiarism, we were able to gather data directly aligned
with the objectives of our study.

The use of a seven-point Likert scale allowed for the capture
of subtle nuances in students’ responses, providing a more detailed
measure of their attitudes and perceptions. This type of scale is
widely used in educational and psychosocial research due to its
effectiveness in measuring opinions and attitudes.

Regarding the reliability analysis of our questionnaire, given
the three-factor approach, McDonald’s omega was employed. Our
questionnaire yielded an index of ω = 0.966, indicating excellent
reliability. This high level of internal consistency suggests that the
items reliably measure the same construct. Furthermore, the item
reliability statistics show that removing any of the analyzed items
does not significantly alter the omega value, suggesting that each
item makes a meaningful contribution to the scale’s reliability and
that there are no items that require further evaluation.

The administration of the questionnaire through Google Forms
was chosen for its accessibility and ease of use, both for the
researchers and the participants. The anonymous and electronic
nature of the questionnaire also encouraged greater honesty in
the responses by reducing participants’ potential hesitation to
share personal opinions or experiences. The questionnaire was
administered between March and May 2023. It was distributed
electronically via Google Forms. Participants were informed about
the anonymity of their responses and the handling of their data
solely for research purposes.

For the statistical analysis of the collected data, the software
Jamovi v2.3.26.0 was used—a tool based on the R language with
a graphical interface. First, a descriptive analysis of all responses
was conducted to gain a general understanding of the sample.
Subsequently, a hypothesis test was carried out to compare whether
there were differences between the responses of participants who
had previously used Generative Artificial Intelligence (GenAI) and
those who had not.

To identify and confirm the presence of our areas of interest
measured by the questionnaire, an Exploratory Factor Analysis
(EFA) and a Confirmatory Factor Analysis (CFA) were performed.
An Analysis of Variance (ANOVA) was also conducted to examine
differences in the intention to use ChatGPT between those who had
previously used Artificial Intelligence and those who had not.

Additionally, the reliability and validity of the instrument
used in the study were assessed to ensure the consistency and
accuracy of the measurements. In all analyses, a significant level
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(alpha) of 0.05 was applied, consistent with standard practices in
educational research.

All necessary details should be provided so that the reader can
understand and verify the development of the research. Previously
published methods must be indicated by reference.

3 Results

The questionnaire was completed by a total of 368 students
from the Faculty of Education Sciences at the University of Málaga.
The sample had an average age of 20 years (SD = 4.06) and
an average EBAU exam score of 11.0 (SD = 1.62). Among the
participants, 290 (78.8%) were women and 78 (21.2%) were men
(Table 1). Of the total sample, only 39 (10.6%) had previous
experience using some type of GenAI (Table 2).

Regarding the questionnaire response scores, most modes
ranged between values 5 and 7, corresponding to agreement with
the statements presented—except for the statement concerning the
“intention to use GenAI to complete tasks without supervision or
modification of its response,” and those referring to reasons for
plagiarism, whose mode was 1 (strongly disagree).

Since our data did not meet parametric assumptions, a Mann–
Whitney U test was conducted to identify significant differences
between responses to the various questions, depending on whether
participants had previously used GenAI or not. It was hypothesized
that prior experience with GenAI could yield different results
compared to those without such experience (Table 3). In the
question regarding whether students believed that ChatGPT’s
responses included all the requested information (A1), significant
differences were observed between groups (U = 5,133, p = 0.034),
suggesting that students who had previously used the tool perceived
the information provided differently. However, the remaining
questions related to the perceived quality of information (A2 and
A3) did not show any group differences.

Concerning satisfaction and intention to use, the question
related to satisfaction with the text generated by ChatGPT (E4)
stood out for showing significant differences between groups
(p = 0.027), which was not the case for the other items. For
questions related to reasons for use and plagiarism, significant
differences were found (U = 4,989, p = 0.02) only in the item stating
that “it can be concluded that the text provided by ChatGPT is
reliable once it has been reviewed in class” (D2).

TABLE 1 Frequencies of “gender.”

Gender Frequencies % of total % cumulative

Male 78 21.2% 21.2%

Female 290 78.8% 100.0%

TABLE 2 Frequencies of “previously used.”

Frequencies % of total % Cumulative

329 89.4% 89.4%

39 10.6% 100.0%

TABLE 3 Independent samples t-test.

Variable Test type Statistic (U) p-
value

A1 Mann-Whitney U Test 5,133 0.034

A2 U de Mann-Whitney 6,052 0.778

A3 U de Mann-Whitney 5,880 0.086

B1 U de Mann-Whitney 5,649 0.020

B2 U de Mann-Whitney 5,440 0.135

B3 U de Mann-Whitney 5,678 0.495

C1 U de Mann-Whitney 5,117 0.056

C2 U de Mann-Whitney 6,241 0.027

D1 U de Mann-Whitney 5,367 0.133

D2 U de Mann-Whitney 4,989 0.071

E1 U de Mann-Whitney 5,502 0.999

E2 U de Mann-Whitney 5,997 0.426

E3 U de Mann-Whitney 5,252 0.164

E4 U de Mann-Whitney 5,059 0.836

E5 U de Mann-Whitney 5,498 0.820

F1 U de Mann-Whitney 5,317 0.742

F2 U de Mann-Whitney 6,415 0.282

F3 U de Mann-Whitney 5,922 0.848

F4 U de Mann-Whitney 5,595 0.135

G1 U de Mann-Whitney 6,287 0.124

G2 U de Mann-Whitney 6,274 0.129

H1 U de Mann-Whitney 6,217 0.190

H2 U de Mann-Whitney 5,780 0.219

H3 U de Mann-Whitney 6,304 0.393

I1 U de Mann-Whitney 5,533 0.926

I2 U de Mann-Whitney 5,513 0.990

I3 U de Mann-Whitney 5,561 0.396

I4 U de Mann-Whitney 5,667 0.164

I5 U de Mann-Whitney 5,697 0.181

I6 U de Mann-Whitney 5,917 0.817

J1 U de Mann-Whitney 6,360 0.156

J2 U de Mann-Whitney 6,408 0.908

J3 U de Mann-Whitney 5,911 0.518

J4 U de Mann-Whitney 5,595 0.236

K1 U de Mann-Whitney 5,694 0.937

K2 U de Mann-Whitney 6,285 0.505

K3 U de Mann-Whitney 5,637 0.868

P1 U de Mann-Whitney 6,348 0.034

P2 U de Mann-Whitney 6,073 0.778

P3 U de Mann-Whitney 5,774 0.086

P4 U de Mann-Whitney 6,371 0.020

P5 U de Mann-Whitney 6,018 0.135

P6 U de Mann-Whitney 6,320 0.495
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An Exploratory Factor Analysis (EFA) was conducted to
compare the theoretical approach with the data collected through
the questionnaire. Three distinct factors were established to identify
the variables associated with each, using the maximum likelihood
method with Varimax rotation. The first factor showed consistently
high loadings on variables (A1) to (E5), suggesting a dimension
related to the perception of quality and satisfaction with AI-
generated texts. Variables (F1) to (J4) displayed more varied
loadings within the same factor, possibly indicating different
dimensions within this construct, related to the intention to use and
attitudes toward plagiarism (Table 4).

It is important to note the negative correlation of variables (I1)
to (I6) with the rest of the scale, which may indicate that these
items measure an aspect inversely related to the other variables.
This information will be used later for the calculation of the scale’s
reliability index. Regarding the fit of this model (Table 5), both
the RMSEA (Root Mean Square Error of Approximation) and the
TLI (Tucker–Lewis Index) show slight deviations from optimal
thresholds. This suggests that the model has an acceptable fit for
the questionnaire data but could still be optimized. As for the Chi-
square statistics, the model is statistically significant (p < 0.001).

In the Confirmatory Factor Analysis (Table 6), all the variables
studied showed significant factor loadings within their respective
factors, demonstrating a strong relationship between each item and
its corresponding factor. Regarding the factor covariances (Table 7),
their statistical significance suggests that the factors are related but
distinct from one another. Finally, the Chi-square model fit test
(Table 8) was significant (χ2 = 4,762, p < 0.001). This result is
common in large samples but reaffirms that the model could be
further optimized, as confirmed by the RMSEA index (0.118, well
above the ideal threshold of 0.08) and the CFI and TLI indices (both
below the desirable threshold of 0.9) (Table 9).

In addition to RMSEA, CFI, and TLI, the Standardized Root
Mean Square Residual (SRMR) was examined as a complementary
fit index. This index was considered in the overall evaluation of
model fit, which suggests that the measurement model presents a
reasonable fit for an exploratory instrument, despite the limitations
observed in other indices.

4 Discussion

This study reveals a notable trend of acceptance and
adaptability toward the use of ChatGPT and other AI tools among
university students. The findings, aligned with current trends in
the educational field (Alkhaqani, 2023; Anders, 2023), indicate
that students are willing to integrate these technologies into their
academic practices. This adaptability suggests a general openness
to technological innovation in education, which is essential
for designing educational policies and developing pedagogical
interventions that effectively incorporate AI into the learning
process.

The inclusion of an ordinal logistic regression analysis provided
valuable insights into how variables such as age and prior
experience with AI influence students’ perceptions (Elareshi et al.,
2022; Li and Zhang, 2023). This methodological approach offers a
richer understanding of how university students perceive and use

TABLE 4 Factor loadings.

Item Factor 1 Factor 2 Factor 3 Uniqueness

A1 0.735 0.456

A2 0.775 0.388

A3 0.766 0.395

B1 0.632 0.589

B2 0.761 0.415

B3 0.782 0.363

C1 0.814 0.336

C2 0.715 0.448

D1 0.702 0.497

D2 0.784 0.353

E1 0.865 0.207

E2 0.833 0.230

E3 0.848 0.214

E4 0.848 0.214

E5 0.858 0.207

F1 0.338

F2 0.681 0.298

F3 0.669 0.261

F4 0.655 0.503

G1 0.629 0.193

G2 0.214

H1 0.691 0.424

H2 0.714 0.432

H3 0.722 0.444

I1 –0.841 0.276

I2 –0.862 0.248

I3 –0.871 0.232

I4 –0.894 0.193

I5 –0.862 0.249

I6 –0.865 0.247

J1 0.855 0.246

J2 0.637 0.455

J3 0.699 0.460

J4 0.803 0.328

K1 0.813 0.337

K2 0.732 0.451

K3 0.827 0.312

P1 0.756 0.391

P2 0.838 0.296

P3 0.796 0.363

P4 0.780 0.386

P5 0.708 0.402

P6 0.705 0.471
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TABLE 5 Model fit measures for EFA.

RMSEA 90% CI (Lower/Upper) TLI BIC χ2 df p

0.0917 0.0886 0.0952 0.823 1,406 3,185 777 < 0.001

TABLE 6 Factor loadings (CFA).

Indicator Estimator SE Z p

H1 1.315 0.0818 16.07 < 0.001

H2 1.251 0.0758 16.51 < 0.001

H3 1.243 0.0749 16.60 < 0.001

I1 −1.300 0.0644 −20.17 < 0.001

I2 −1.326 0.0638 −20.78 < 0.001

I3 −1.227 0.0599 −20.50 < 0.001

I4 −1.265 0.0596 −21.21 < 0.001

I5 −1.300 0.0639 −20.33 < 0.001

I6 −1.250 0.0602 −20.74 < 0.001

J1 1.339 0.0636 21.06 < 0.001

J2 1.280 0.0859 14.90 < 0.001

J3 1.184 0.0733 16.14 < 0.001

J4 1.251 0.0652 19.20 < 0.001

K1 1.202 0.0637 18.86 < 0.001

K2 1.256 0.0754 16.65 < 0.001

K3 1.205 0.0625 19.30 < 0.001

P1 1.163 0.0657 17.69 < 0.001

P2 1.092 0.0560 19.48 < 0.001

P3 1.052 0.0572 18.40 < 0.001

P4 1.090 0.0607 17.95 < 0.001

P5 1.210 0.0726 16.68 < 0.001

P6 1.117 0.0691 16.17 < 0.001

ChatGPT in their educational process, consistent with the study by
Zhu et al. (2023) on the role of AI in education.

Our findings indicate no significant gender-based differences
in the intention to use ChatGPT, which contrasts with previous
studies suggesting gender-based disparities in the adoption of
digital technologies (Guillén-Gámez et al., 2024; Joo et al., 2018).
This result suggests a meaningful shift in technology adoption
trends, where gender is becoming a less determining factor. This
movement toward greater uniformity in technology adoption

TABLE 8 Test for exact fit.

X2 Df P

4,762 776 < 0.001

TABLE 9 Fit measures.

CFI TLI RMSEA 90% CI
(Lower)

90% CI
(Upper)

0.751 0.737 0.118 0.115 0.121

All coefficients are statistically significant at the p < 0.001 level (two-tailed).

across genders has significant implications for future research,
particularly in developing theories related to technology adoption
and gender diversity in educational contexts. In line with Parsons
and Curry (2024), this raises a broader call to action for universities
to redesign assessment strategies and promote AI literacy, ensuring
that generative tools are used to support learning, critical thinking,
and ethical academic behavior rather than undermine them.

Building on this finding, another discussion emerges regarding
educational initiatives that aim to incorporate AI tools such as
ChatGPT: they may not need to focus as heavily on gender
differentiation but rather on broader aspects such as accessibility
and technological training. Furthermore, this finding could
encourage further research into how other factors—such as cultural
context, field of study, or prior experience with technology—may
influence the adoption and use of AI tools in higher education.

5 Conclusion

We can affirm that the results of this study not only reflect
the growing adaptability and acceptance of AI tools among
university students but also challenge some preconceived notions
regarding the impact of gender on technology adoption in
educational contexts. These findings highlight the importance of
integrating ChatGPT and other AI tools in education—not merely
as technological supplements but as central elements in innovative
pedagogical strategies (Crompton and Burke, 2023).

An important limitation of this study is the unequal gender
distribution of the sample, with a clear predominance of female

TABLE 7 Factor covariance.

Factor A Factor B Estimate Standard
Error (SE)

Z P

Information quality Information quality 1.000

Satisfaction and intention 0.889 0.0145 61.31 < 0.001

Reasons for plagiarism 0.227 0.0521 4.36 < 0.001

Satisfaction and intention Satisfaction and intention 1.000

Reasons for plagiarism 0.270 0.0502 5.38 < 0.001

Reasons for plagiarism Reasons for plagiarism 1.000
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participants. Although this distribution reflects the characteristics
of the degrees analyzed, it may have limited the statistical power
to detect subtle gender-based differences. Therefore, the absence of
significant gender effects should be interpreted with caution.

The evidence of widespread acceptance of these tools presents
an opportunity for educational institutions to leverage such
technologies to enrich the learning process. Furthermore, it
underscores the need to address the digital divide and ensure
equitable access to technology for all students, regardless of gender
or socioeconomic background, which is crucial for developing
inclusive digital strategies in modern pedagogy.

From an applied perspective, it is essential that educational
institutions and educators not only integrate ChatGPT into their
teaching methods but also foster a critical understanding of its
uses and limitations. This includes addressing ethical and academic
integrity issues related to its use, such as plagiarism and originality
(Daneji et al., 2019).

In addition, these results emphasize the importance of closing
the digital gap and ensuring equitable access to technology for all
students, regardless of gender or socioeconomic status (Shahzad
et al., 2021). Therefore, it is vital that educators and educational
institutions develop strategies for digital inclusion, ensuring that all
students benefit equally from technological advances in pedagogy.

As for the study’s limitations, it is important to note that
the research was conducted with a specific sample of students
from a single university, which may limit the generalizability of
the results. Moreover, the use of a self-reported questionnaire
could introduce potential bias in student responses. Accordingly,
the findings should be interpreted as context-specific, and future
research should replicate this study in diverse institutional, cultural,
and disciplinary contexts to strengthen external validity.
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